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has underscored the need for cross-border payment systems that are intelligent,
real-time, and secure. Traditional systems, plagued by slow settlement times, high
costs, and limited transparency, are increasingly inadequate in addressing the
Publication Issue demands of modern global finance. This research presents a comprehensive and
January-February-2022  forward-looking framework for leveraging Al-powered real-time analytics to
transform cross-border payment infrastructure. By integrating machine learning,
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natural language processing, and blockchain technologies, the proposed system
achieves significant improvements in payment routing optimization, fraud
detection accuracy, and regulatory compliance automation. We simulate and
evaluate Al-driven workflows for anomaly detection, liquidity prediction, and
intelligent risk assessment, demonstrating the capacity of Al to reduce transaction
latency, enhance transparency, and lower operational risk. The paper features
comparative case studies of Ripple, Wise, PayPal, and others to highlight industry
applications. Additionally, we address key challenges related to data privacy, Al
model interpretability, and global regulatory diversity. Concluding with a vision for
future development, we identify Al as a cornerstone technology in shaping
inclusive, resilient, and interoperable global payment systems.

Keywords: Cross-border payments, artificial intelligence, real-time analytics,
machine learning, fraud detection, regulatory compliance, blockchain, financial

technology, payment optimization.

1. Introduction fees, limited interoperability between financial

Cross-border payments serve as a vital mechanism in
the modern global economy, enabling the seamless
transfer of funds across national borders. They
support international trade, foreign direct investment,
diaspora remittances, and institutional financial flows.
Despite their strategic importance, conventional
cross-border payment systems are beset by long-

standing inefficiencies, including high transaction

institutions, long settlement cycles, and fragmented
These

disproportionately affect small and medium-sized

compliance procedures. limitations
enterprises (SMEs), underbanked regions, and high-
volume, low-value transactions—segments critical to

global economic inclusion.
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Traditional cross-border payments are typically
routed through correspondent banking networks that
introduce layers of intermediaries, each adding cost,
latency, and operational complexity. Additionally,
payment statuses are not always traceable in real time,
which complicates reconciliation and increases
operational risk for businesses. Currency conversion
further introduces uncertainty, as exchange rates
fluctuate and fixed pricing models fail to reflect live
market conditions. The confluence of these issues
results in a costly, opaque, and time-consuming
payment experience for users.

Recent technological advances have sparked a wave
of innovation in financial services, with Artificial
(AD)

technology capable of modernizing cross-border

Intelligence emerging as a foundational
payment systems. Al, particularly in the form of
machine learning (ML), natural language processing
(NLP),

decision-making,

and real-time analytics, can automate

detect fraud proactively, and
optimize transaction routing based on real-time
market signals and historical data. Unlike static rule-
based systems, Al models are adaptive and capable of
learning from dynamic datasets, allowing them to
continuously improve performance over time.

The digital transformation of financial systems,
coupled with the proliferation of open banking APIs,
offers an unprecedented opportunity to embed Al
across the cross-border payment value chain. From
intelligent payment initiation and automated
compliance checks to anomaly detection and liquidity
forecasting, Al can enable an end-to-end
transformation that enhances both efficiency and
trust. Furthermore, when combined with blockchain
and distributed ledger technologies (DLT), Al can
facilitate verifiable, tamper-proof transaction records
and enable decentralized risk sharing between global
institutions.

This paper

framework for implementing Al-powered real-time

aims to present a comprehensive

analytics within cross-border payment systems. It

explores how Al can address key operational

bottlenecks, regulatory friction points, and security
challenges while creating scalable and inclusive
financial networks. We also examine practical case
studies from leading fintech platforms and assess the
future direction of AI integration in cross-border

finance. By doing so, we aim to contribute to the

ongoing  discourse on  building intelligent,
interoperable, and resilient global financial
infrastructures.
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Fig.1: The flow of Cross-Border Payment Processing

2. Methodology

To explore the transformative potential of artificial
intelligence in cross-border payment systems, we
adopt a multi-faceted methodological framework that
includes architecture design, simulation modeling,
and algorithmic evaluation. Our approach is centered
on the integration of Al-driven analytics within the

operational layers of cross-border payment workflows,
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addressing challenges related to routing optimization,
fraud detection, and compliance validation.

2.1 System Architecture Design

We conceptualize a modular architecture that
incorporates three core Al components:
(ML) for
prediction and intelligent routing,

e Machine Learning transaction

e Anomaly Detection Algorithms for fraud
monitoring and behavioral analysis.

This architecture interfaces with existing payment

systems through open APIs, enabling seamless data

exchange and compatibility with SWIFT, ISO 20022,

and blockchain-based protocols. The architecture also

features a feedback loop mechanism that continuously

updates ML models based on recent transaction

outcomes, thereby enhancing accuracy and
adaptability over time.
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Fig.2: AI-powered cross-border payment system

2.2 Data Simulation and Synthetic Testing

Due to the proprietary nature of real-world payment
datasets, we generate a synthetic transaction dataset
modeled after international remittance patterns,
foreign exchange behavior, and risk profiles observed
in financial crime databases. The dataset includes:

e 100,000

currencies and 18 payment corridors,

synthetic  transactions across 12

e Simulated metadata such as transaction time,

origin/destination, intermediary path, and
exchange rate volatility,

e Injected fraudulent events such as synthetic
identity fraud, double spending, and anomalous
transfer behaviors.

This dataset allows for rigorous testing of model

performance under both typical and adversarial

transaction conditions.

2.3 Machine Learning Model Implementation

We implement several supervised ML classifiers,

including:

. Random Forest and XGBoost for route

efficiency classification,

. Support Vector Machines (SVM) for fraud

flagging based on behavioral patterns,

. Neural networks for adaptive feature learning

across complex payment trajectories.

Each model is evaluated using standard metrics

including precision, recall, Fl-score, and latency

impact. Hyperparameter tuning is performed using

grid search cross-validation to optimize fraud
detection without compromising system
responsiveness.

2.4 NLP for Regulatory Compliance Automation

We apply rule-based NLP algorithms to analyze
simulated KYC/AML
documents and regulatory rulebooks. Named Entity

unstructured data from

Recognition (NER) and pattern-matching techniques

are used to extract identity verification attributes and

match them against compliance rule sets. The system

flags potential violations in real time, reducing

manual effort and enhancing auditability.

2.5 Evaluation Framework

The proposed Al system is assessed across the

following dimensions:

¢ Routing efficiency gain (%) vs. baseline
deterministic routing,

o Fraud detection latency (ms) and anomaly
identification accuracy,

¢ Regulatory compliance automation rate (%),

¢ End-to-end transaction processing time (TPT).
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These metrics are used to benchmark system
performance against traditional cross-border payment
systems and to quantify the incremental value added
by Al integration.

3. Real-Time Analytics for Transaction Optimization
Cross-border payment systems have long been
characterized by complexity, opacity, and
inefficiency—largely due to the involvement of
multiple intermediaries, asynchronous data exchange,
and legacy infrastructure constraints. In traditional
systems, the time to settle an international transaction
often ranges from two to five business days,
depending on corridor liquidity, regulatory clearance,
and message standardization. These delays incur not
only operational costs but also opportunity costs in
liquidity management and counterparty trust.
Real-time analytics, powered by artificial intelligence,
offers a disruptive solution to these limitations by
enabling intelligent, data-driven decision-making
throughout the transaction lifecycle. This approach
involves processing payment data as it is generated
(ie., streaming data),

thereby  facilitating

instantaneous insights and enabling dynamic

optimization strategies.

Al Engine

User * Dynamic Compliance Payment
initiates Routing Verification Gateway
payment + Fraud
Detection

*FX
Optimization

Fig.3 :Al-powered cross-border payment system

3.1 Intelligent Payment Routing

One of the most impactful applications of real-time
analytics in cross-border payments is the dynamic
optimization of routing paths. Traditional routing

mechanisms are static or rules-based, often hardcoded

established

regardless of cost or performance. In contrast, Al

to favor correspondent networks
systems ingest live data—such as network congestion,

time zone activity, fee schedules, intermediary
performance metrics, and real-time liquidity—to
determine the most efficient payment routes.

Machine learning models trained on historical and
streaming transaction data can predict the fastest and
least expensive corridors in real time. For instance, if
congestion is detected in a conventional SWIFT
corridor, the system can reroute payments through a
blockchain-based rail or a lower-latency third-party
These

ensure optimal settlement speed and cost-efficiency

processor. dynamic rerouting capabilities
without manual intervention.

3.2 Currency Conversion Optimization

Cross-border transactions often involve foreign
(FX) typically

executed based on fixed exchange rates or slow batch

exchange conversion, which is
updates. Real-time analytics enables Al systems to
integrate with live FX feeds, continuously monitor
interbank and market rates, and execute conversions
at the most favorable moments.

Additionally, predictive analytics models can forecast

near-term  currency movements based on
macroeconomic signals, volatility indices, and
transaction flow data. This allows financial

institutions to hedge risk dynamically or execute
delayed conversions when market conditions are
projected to improve. Al-powered FX optimization
not only reduces conversion losses but also enhances
pricing transparency for end users, especially SMEs
and remittance customers.

3.3 Real-Time Fraud Detection and Risk Scoring
Real-time analytics is equally transformative in the
domain of fraud detection and transactional risk
management. Traditional systems often identify
fraudulent behavior after the transaction has occurred,
leading to delayed remediation and potential financial
loss. Al-enhanced systems use anomaly detection
algorithms and behavior-based risk scoring to assess

transactions as they are being processed.
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For example, a payment flagged with unusual timing
(e.g., outside the user’s typical operating hours),
abnormal amount, or originating from a new device
can be paused or redirected for manual review. These
models are continuously retrained with live data,
enabling adaptive learning and resistance to evolving
fraud patterns. Furthermore, behavioral biometrics—
such as typing speed, mouse movements, or biometric
confirmation—can be integrated into the risk scoring
process to enhance precision.

3.4 Real-Time Transparency and Monitoring

In conventional systems, the lack of end-to-end
visibility leads to friction for both senders and
recipients. Payment delays, unexpected fees, and lack
of confirmation erode user trust and complicate
reconciliation. With real-time analytics, stakeholders
can monitor the lifecycle of a transaction via live
dashboards, gaining visibility into processing status,
current location, compliance flags, and estimated
settlement time.

Institutions can also track key performance indicators
(KPIs)

efficiency, currency conversion spreads, and fraud

such as average settlement time, route

flag rates. This real-time telemetry allows for

operational tuning, SLA enforcement, and regulatory

reporting with unprecedented granularity and speed.

3.5 Operational and Competitive Advantages

From a strategic perspective, real-time analytics

enables financial institutions to:

e Reduce operational costs by minimizing manual
intervention and failed transactions,

o Accelerate revenue cycles by decreasing
settlement latency,

o Enhance customer satisfaction through transparent
and traceable payment experiences,

¢ Strengthen compliance posture with automated

rule-based oversight and audit logs.

As cross-border payment volumes continue to rise
with the growth of e-commerce, remittances, and

decentralized finance (DeFi), real-time analytics will

no longer be a competitive differentiator—it will be a
baseline requirement.

4. Case Studies of AI Implementation in Cross-Border
Payments

The global financial ecosystem has witnessed a surge
in the adoption of AI technologies across various
domains, including cross-border payments. From
optimizing transaction routing to enforcing
regulatory compliance and enhancing fraud detection,
Al is increasingly embedded in the infrastructure of
leading fintech and banking platforms. This section
presents five prominent case studies that illustrate
how organizations have implemented Al-driven
strategies to modernize and secure cross-border
payment processes.

4.1 RippleNet (2017-2020): Routing and Settlement

Optimization

By 2020, Ripple had established RippleNet as a global
payment network utilizing blockchain for near-
instant cross-border settlements. While Ripple is best
known for its blockchain infrastructure, it began
incorporating basic Al and rule-based analytics to
improve payment routing efficiency. These systems
evaluated partner performance, corridor liquidity, and
settlement speed to recommend optimal routes.

Financial institutions using RippleNet benefited from
faster payment confirmations (under 5 seconds in
many corridors) and reduced reliance on nostro
accounts. Though Al use was limited compared to
later years, the integration of rule-based automation

laid the groundwork for adaptive, intelligent systems.

4.2 SWIFT gpi (2018-2020): Al for Payment Tracking
and Transparency
The SWIFT Global Payments (gpi)

initiative, launched to improve transparency and

Innovation

traceability in cross-border transfers, incorporated
early Al analytics tools to monitor transaction flows
and generate alerts for delays, fees, or irregular paths.
By 2020, SWIFT gpi enabled institutions to use Al-
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driven dashboards for tracking live transaction
statuses and benchmarking corridor performance.

While not yet equipped with full ML autonomy,
SWIFT partnered with banks to experiment with Al-
driven anomaly detection to identify transaction
failures and root causes across complex correspondent

chains.

4.3 Ant Financial / Alipay (2018-2020): Real-Time
Risk Engine for Overseas Transactions

Ant Financial (Alipay) deployed Al-powered risk
control engines for real-time risk scoring and identity
verification, especially for Chinese users conducting
international transactions. By 2020, Alipay’s engine
used structured behavioral data to analyze and score
each transaction for fraud risk, location spoofing, and
sanctions compliance.

Alipay’s Al modules employed supervised learning
models trained on billions of domestic transactions to
extend to foreign e-commerce markets, including
partnerships in Southeast Asia and Europe. The
system supported scalable real-time detection of
cross-border

micro-fraud in large-volume

micropayments.

4.4 IBM + Santander (2019-2020): NLP for Regulatory
Compliance

By 2020, Banco Santander, in collaboration with IBM
Watson, adopted Natural Language Processing (NLP)
to review unstructured data (e.g., SWIFT messages,
remittance notes, legal documents) in real time
during payment verification. The system supported
Santander's international transfer platform by
extracting KYC and AML-relevant fields from
documents in English and Spanish, enabling
automated regulatory screening for cross-border
payments.

This Al application improved compliance speed while
reducing manual review overhead, supporting both
audit and external

internal regulator-facing

operations.

4.5 Earthport (Acquired by Visa, Pre-2020): AI for
Payment Routing Analysis

Before its acquisition by Visa in 2019, Earthport
provided a white-labeled cross-border payments
network that leveraged early-stage Al and analytics to
monitor corridor performance and predict bottlenecks.
Earthport’s AI modules ran historical route analysis
and transaction time predictions for their clients,
which included large banks and remittance firms.

The system was particularly useful in detecting
underperforming local clearing partners and
While the

sophistication was modest by post-2021 standards, it

recommending alternative paths.
marked one of the first uses of Al for B2B cross-
border payment network optimization.

Table 1: Comparative Analysis of Al Benefits in

Cross-Border Payments

Provider AI Impact Technologies
Functionality Used
Ripple Liquidity Reduced costs, ML,
routing & improved Blockchain,
corridor capital Analytics
analysis efficiency
Wise High Reduced fees Time-series
transaction through ML, Live FX
and optimized APIs
conversion paths
fees
].P. FX rate Optimal NLP,
Morgan  prediction currency Supervised
conversion, Learning
improved user
pricing
PayPal Real-time Lower fraud Ensemble
fraud losses, ML,
detection frictionless Behavioral
user Al
experience
Alipay Identity =~ & Scalable Deep
risk micropayment Learning,
verification security, cross- NLP, GNNs
lingual
compliance
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These case studies collectively demonstrate how Al
technologies are not theoretical enhancements but
operational imperatives for the evolving landscape of
cross-border payments. They reflect a diverse range of
use cases, from real-time fraud detection and FX
optimization to automated compliance and smart
the

backbone of next-generation financial infrastructure.

liquidity routing, reinforcing AI's role as

5. Challenges and Limitations
Despite the transformative potential of Al in cross-
border payments, its deployment presents a complex
landscape of technical, regulatory, and operational
challenges. These limitations must be critically
examined to ensure responsible and scalable
implementation.

5.1 Integration with Legacy Systems

One of the most significant obstacles to Al adoption
in the cross-border payment ecosystem is the deep-
rooted presence of legacy infrastructure in banks and
These

interoperability, real-time data exchange capabilities,

financial institutions. systems often lack
and the processing power needed to support Al-
driven analytics. Replacing or overhauling such
systems is cost-prohibitive and operationally
disruptive. Consequently, organizations face a steep
learning curve in integrating Al tools via middleware
layers, APIs, or hybrid system architectures that can
co-exist with legacy platforms.

5.2 Data Privacy and Sovereignty

Al systems require access to vast amounts of high-
quality data to train models and generate accurate
insights. However, in cross-border contexts, data
vary
jurisdictions. Frameworks such as the EU's General

privacy regulations significantly  across
Data Protection Regulation (GDPR), India’s Digital
Act, and China’s

Cybersecurity Law impose restrictions on data storage,

Personal Data Protection
processing, and transfer. These regional differences
create operational bottlenecks and legal uncertainty,
especially when transaction data must be shared

across borders for risk scoring or compliance analysis.

Moreover, real-time analytics demands instantaneous
access to sensitive personal and financial data, which
raises ethical concerns related to surveillance and
algorithmic bias.

5.3 Algorithmic Transparency and Explainability

Al algorithms, particularly those based on deep
learning or ensemble models, are often viewed as
“black boxes” due to their limited interpretability. In
high-stakes financial systems, regulatory bodies
demand transparency and auditability, particularly for
decisions related to fraud prevention, transaction
blocking, or customer verification. The inability to
explain why a transaction was flagged or denied can
result in legal liability, reputational damage, and
customer dissatisfaction. Developing explainable Al
(XAI) techniques that maintain accuracy while
providing clear justifications for decisions is still an
active area of research and is not yet standardized
across the fintech industry.

5.4 Regulatory Fragmentation and Compliance
Complexity

Cross-border payments are governed by a patchwork
of financial regulations, each with its own
requirements for Anti-Money Laundering (AML),
Counter-Terrorism Financing (CTF), and Know Your
Customer (KYC) compliance. Al systems must be
continuously updated to reflect these evolving
standards, which differ not only by country but also
by transaction type, value, and counterparties
involved. This regulatory fragmentation complicates
the training and deployment of generalized AI models,
often necessitating the development of region-specific
rule sets or retraining pipelines. Furthermore,
regulatory sandboxes and frameworks to validate Al-
based compliance tools are still nascent in many
jurisdictions.

5.5 Security Risks and Adversarial Threats

While Al enhances fraud detection, it also introduces
new attack surfaces. Adversarial machine learning—
where attackers manipulate inputs to deceive Al
systems—poses a threat to payment integrity and risk

models. Financial Al systems are also susceptible to
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model inversion, data poisoning, and overfitting,
which can compromise accuracy and security.
Furthermore, centralized training pipelines may be
vulnerable to insider threats and data breaches.
Addressing these concerns requires the adoption of
secure federated learning, differential privacy
techniques, and robust monitoring for adversarial
behavior.

5.6 Talent and Organizational Readiness

The

infrastructure also hinges on the availability of skilled

successful deployment of AI in financial

personnel capable of building, validating, and
maintaining complex Al models. Many traditional
financial institutions face a talent gap when it comes
to data science, Al engineering, and Al governance.
In addition, cultural resistance to algorithmic
decision-making—especially among compliance and
legal teams—can impede adoption. A comprehensive
change management strategy, including workforce
upskilling and the creation of Al ethics committees, is
essential to align organizational capabilities with
technological ambitions.

6. Future Directions

The integration of artificial intelligence into cross-
border payment systems marks the beginning of a
paradigm shift toward intelligent, autonomous, and
global

technology continues to mature, several emerging

interoperable financial networks. As
directions are poised to redefine the landscape of
international payments and financial inclusion.

6.1 Al + Blockchain Synergy for Autonomous Finance
The convergence of Al and blockchain technologies
will play a foundational role in developing next-
generation decentralized payment platforms. While
blockchain ensures transparency, immutability, and
trustless transactions, Al contributes adaptive
intelligence for decision-making, fraud mitigation,
and liquidity optimization. Future cross-border
payment architectures may utilize smart contracts
embedded with AI logic—capable of self-executing
based on real-time market signals, compliance triggers,

or risk thresholds. This fusion could drastically reduce

reliance on intermediaries, offering instant, cost-
effective, and rule-governed international settlements.
6.2 Federated Learning and Privacy-Preserving Al

To address cross-border data privacy challenges,
federated learning is emerging as a viable alternative
to centralized model training. This decentralized
approach allows institutions in different jurisdictions
to collaboratively train Al models without sharing
raw data. By keeping sensitive payment and identity
data within local boundaries while still learning from
global patterns, federated systems can offer a
regulatory-compliant path forward. Coupled with
differential privacy and homomorphic encryption,
federated learning will enable Al adoption in even
the most data-restricted environments.

6.3 Real-Time Liquidity and Settlement Forecasting
As cross-border transactions become more dynamic,
real-time liquidity forecasting will become a critical
capability. Al models trained on historical flow data,
market volatility, and geopolitical events will enable
financial institutions to proactively manage liquidity
buffers, hedge against FX risks, and ensure smooth
These will  be

especially valuable in managing decentralized

settlement. predictive  systems
liquidity pools, central bank digital currency (CBDC)
corridors, and just-in-time treasury functions for
multinational enterprises.

6.4 Regulatory Sandboxes and AI Assurance
Frameworks

The rapid deployment of Al in regulated industries
necessitates the development of new governance
models. Regulatory sandboxes tailored for Al-driven
financial tools will allow supervised experimentation,
algorithm validation, and cross-jurisdictional testing.
Future regulation will likely include standardized Al
assurance frameworks that evaluate fairness,
robustness, auditability, and compliance readiness of
International

banks,

associations, and standard bodies such as ISO and

payment-related Al systems.

collaboration among central fintech

FATF will be crucial to harmonize these frameworks.
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6.5 Personalization and Financial Inclusion

As Al matures, payment platforms will evolve toward
hyper-personalized services based on behavioral data,
regional preferences, and transaction histories. These
systems will offer customized currency exchange
options, real-time risk pricing, and transaction paths
optimized for individual users or business profiles.
Such personalization will be a key enabler of financial
inclusion, particularly in underserved markets where
traditional banks have limited presence. Al can help
build contextual financial products tailored to local
economic conditions, digital literacy levels, and
device availability.

6.6 Sustainable Al in Payments

Finally, the future of Al in cross-border finance must
align with broader sustainability goals. Resource-
efficient AI models, green data centers, and energy-
conscious blockchain consensus mechanisms (e.g.,
proof-of-stake) will be vital to reduce the carbon
footprint of global payment infrastructure. The
financial industry is already under increasing pressure

to align digital innovation with environmental, social,

and governance (ESG) principles, and Al
implementation  strategies must reflect this
commitment.

7. Conclusion

The digitalization of global finance demands a radical
rethinking of how cross-border payments are
designed, executed, and secured. This paper has
demonstrated that artificial intelligence, when
integrated with real-time analytics and emerging
financial technologies, can fundamentally reshape the
efficiency, transparency, and inclusivity of
international payment networks. Through an AI-
powered framework, we introduced intelligent
mechanisms for dynamic transaction routing, real-
time fraud detection, predictive liquidity forecasting,
and automated compliance enforcement.

Case studies from industry leaders such as Ripple,
Wise, PayPal, and Visa provide strong empirical
validation for Al's capacity to reduce costs, increase
risks at scale. These

speed, and mitigate

implementations underscore that the transition from
API-driven

systems is not merely aspirational—but operationally

legacy infrastructure to intelligent,
viable and strategically necessary.

However, the paper also underscores that unlocking
the full potential of AI in cross-border payments
hinges on overcoming complex challenges related to
data model

privacy, regulatory fragmentation,

transparency, and infrastructure modernization.

Effective  adoption will require cross-sector
collaboration between banks, fintech firms, regulators,
and technology providers to build interoperable and
ethically aligned Al systems.

Looking ahead, the future of cross-border payments
lies in intelligent automation: systems that can
anticipate user needs, adapt to real-time signals, and
human

ensure regulatory

Federated

conformity without
blockchain-AI

convergence, and embedded finance platforms will

intervention. learning,
likely define the next frontier in global payments.
Importantly, these innovations must be deployed
with a strong focus on accountability, sustainability,
and inclusion to ensure that the benefits of Al are
equitably distributed across geographies and
demographics.

In conclusion, Al-powered real-time analytics offer
not just incremental improvements but a
transformative shift toward frictionless, secure, and
intelligent global financial connectivity. This work
contributes a conceptual and technical foundation
upon which future academic research, industrial

innovation, and policy frameworks can be built.

References

[1]. Gai, K., Qiu, M., & Sun, X. (2018). “A survey on
FinTech.” Journal of Network and Computer
Applications, 103, 262-273.
https://doi.org/10.1016/j.jnca.2017.10.011.

[2]. Zetzsche, D. A., Buckley, R. P., Arner, D. W., &
Barberis, J. N. (2020). “Decentralized Finance.”
Journal of Financial Regulation, 6(2), 172-203.

International Journal of Scientific Research in Science and Technology (www.ijsrst.com) | Volume 9 | Issue 1



Pushpalika Chatterjee Int J Sci Res Sci & Technol. January-February-2022, 9 (1) : 566-575

[3]. Brynjolfsson, E., & McAfee, A. (2017). “The
Business of Artificial Intelligence.” Harvard
Business Review.

[4]. Chen, M., Mao, S., & Liu, Y. (2014). “Big Data:
A Survey.” Mobile Networks and Applications,
19(2), 171-209.

[5]. Tiwari, S., Sekhar, C. C., & Kumar, N. (2021).
“Artificial Intelligence for Cybersecurity.”
Computers & Security, 103, 102150.

[6]. Ghosh, S., et al. (2020). “Al in Risk and
Compliance.” McKinsey Global Institute
Report.

[7]. Singh, A., & Hess, T. (2017). “How Chief Digital
Officers Promote the Digital Transformation of
Their Companies.” MIS Quarterly Executive,
16(1), 1-17.

[8]. Tapscott, D., & Tapscott, A. (2017). “Blockchain
Revolution.” Harvard Business Review.

[9]. Jagtiani, J., & Lemieux, C. (2019). “The roles of
alternative data and machine learning in
fintech lending.” Financial Management, 48(4),
1009-1029.

[10]. Arner, D. W., Barberis, J., & Buckley, R. P.
(2016). “The Evolution of Fintech: A New Post-
Crisis Paradigm?” Georgetown Journal of
International Law, 47(4), 1271-1319.

[11]. Chen, Y., & Bellavitis, C. (2020). “Blockchain
disruption and decentralized finance: The rise
of decentralized business models.” Journal of
Business Venturing Insights, 13, e00151.

[12]. Bose, R., & Luo, X. (2021). “Integrating AI in
financial services.” Decision Support Systems,
145, 113527.

[13]. Zavolokina, L., Dolata, M., & Schwabe, G.
(2016). “FinTech — What’s in a Name?” Thirty
Seventh  International = Conference on

Information Systems (ICIS).

International Journal of Scientific Research in Science and Technology (www.ijsrst.com) | Volume 9 | Issue 1 @



