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 In today’s data-driven economy, organizations increasingly rely on 

Business Intelligence (BI) tools and strategic dashboards to convert raw 

data into actionable insights. The convergence of advanced analytics, 

visualization technologies, and real-time data processing has 

revolutionized decision-making processes across industries. This paper 

presents a systematic review of contemporary Business Intelligence tools 

and strategic dashboarding techniques, aimed at identifying trends, 

evaluating tool capabilities, and assessing best practices for effective 

decision support. The review adopts the PRISMA methodology to 

systematically analyze peer-reviewed journal articles, conference papers, 

and industry reports published between 2015 and 2024. Key inclusion 

criteria focus on studies that examine BI platforms such as Microsoft 

Power BI, Tableau, Qlik Sense, Looker, and SAP BusinessObjects, 

alongside advanced dashboarding practices. The review highlights how 

these tools enhance operational transparency, performance monitoring, 

and strategic alignment in organizations of varying sizes and sectors. 

Findings reveal a shift from traditional BI models to self-service and cloud-

based platforms, empowering end-users with real-time analytics and data 

visualization capabilities. Strategic dashboards are now being designed 

with user-centered principles, incorporating KPIs, drill-down features, 

predictive analytics, and mobile responsiveness. Furthermore, the 

integration of artificial intelligence and machine learning within BI 
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ecosystems is enhancing data storytelling, anomaly detection, and 

proactive decision-making. This study also identifies common challenges, 

including data quality issues, user adoption barriers, and the need for data 

governance frameworks. Best practices for dashboard development 

emphasize clarity, consistency, interactivity, and alignment with 

organizational goals. The review provides a synthesized framework for 

selecting appropriate BI tools based on organizational needs, technical 

infrastructure, and strategic objectives. In conclusion, this systematic 

review contributes to the evolving discourse on data-driven strategy by 

offering a comprehensive synthesis of existing knowledge on BI tools and 

dashboarding techniques. It serves as a reference for practitioners, 

researchers, and decision-makers seeking to optimize their analytics 

strategies and enhance business performance through intelligent data 

utilization. 

Keywords : Business Intelligence, Strategic Dashboards, Data Visualization, 

PRISMA Review, Power BI, Tableau, Real-Time Analytics, Decision 

Support Systems, AI-Enhanced BI, Data Governance. 

 

1.0  Introduction 

In recent years, the exponential growth of data and the increasing complexity of global business environments 

have transformed the decision-making landscape for organizations across various sectors. The rise of data-driven 

decision-making emphasizes the strategic importance of timely, accurate, and actionable insights, which are 

crucial for maintaining a competitive edge in today’s fast-paced market (Onukwulu, et al., 2022, Oyegbade, et al., 

2022). As organizations endeavor to harness the value of their extensive and diverse data assets, Business 

Intelligence (BI) tools alongside strategic dashboarding techniques have emerged as essential enablers of 

operational efficiency, strategic alignment, and performance monitoring (Popovič et al., 2016; Tank, 2015). 

The significance of BI tools and strategic dashboards stems from their ability to convert raw data into meaningful 

insights that support strategic objectives and drive continuous improvement. Modern BI systems integrate data 

from multiple sources and present it through interactive visualizations, allowing users to identify trends, uncover 

anomalies, and track performance indicators with precision (Khairat et al., 2018; Lin et al., 2018). For instance, 

performance dashboards designed in various settings, including healthcare, highlight practical issues and offer 

insights into enhancing decision-making processes through effective performance measurements and data 

structure (Ghazisaeidi et al., 2015). Strategic dashboards provide a consolidated view of critical business functions, 

aligning individual and departmental efforts with overarching corporate goals (Fabiyi & Olanipekun, 2021; 

Eidizadeh et al., 2017). 

Despite the widespread adoption of BI tools and dashboarding platforms such as Tableau, Power BI, Qlik, and 

Looker, there is still a fragmented understanding of their comparative effectiveness, implementation challenges, 

and strategic value across different organizational contexts. Research has indicated that while these tools enhance 

decision-making efficacy, they often come with varied user experiences and differing levels of success in result-
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oriented applications (Siyabi & Goel, 2020). The existing literature on BI tools and dashboarding is dispersed, 

covering multiple dimensions such as technological architecture, user experience, visualization practices, and 

impacts on decision-making processes (Ranjbarfard & Hatami, 2020; Shrestha et al., 2019). This fragmentation 

underscores the need for a systematic review that synthesizes current knowledge, evaluates best practices, and 

identifies emerging trends and gaps in the BI landscape (Samuel et al., 2022). 

The objective of this systematic review is to examine academic and industry literature related to business 

intelligence tools and strategic dashboarding techniques. The review aims to explore their technological 

foundations, design principles, and organizational applications, categorizing current methodologies, and 

proposing a unified framework that integrates technical innovation with strategic impact (Hamad et al., 2020). 

Such an endeavor is not only timely but also critical in guiding both practitioners and researchers in the 

optimization of dashboard strategies for effective decision support across dynamic organizational environments. 

 

2.1.  Methodology 

The methodology for this systematic review was guided by the PRISMA (Preferred Reporting Items for 

Systematic Reviews and Meta-Analyses) approach, which supports a transparent, reproducible, and structured 

strategy for literature reviews. To ensure a comprehensive analysis, the review process commenced with the 

identification of relevant studies from a broad database search, drawing from journal repositories and digital 

libraries that included indexed and peer-reviewed academic contributions. The primary objective was to collect 

papers that explicitly addressed the advancement, implementation, and evaluation of business intelligence (BI) 

tools and strategic dashboarding techniques in industry and public sector contexts. 

The search phase identified a total of 137 documents. After removing duplicates, 130 unique records remained 

and were screened based on their titles and abstracts. Initial screening filtered out 32 records that were irrelevant 

to the objectives of this study. The remaining 98 full-text articles were assessed in detail for eligibility based on 

inclusion criteria, such as the application of BI in decision-making, incorporation of dashboards in data 

visualization, and the utilization of AI, ML, or advanced analytics in BI systems. 

Eligibility assessment led to the exclusion of 51 articles due to lack of methodological rigor, poor relevance to core 

BI constructs, or insufficient empirical or conceptual backing. This resulted in a final inclusion of 47 studies for 

qualitative synthesis. The selected studies reflect a wide range of perspectives including conceptual models, AI-

driven integration techniques, supply chain BI, financial dashboard systems, and case-specific implementations of 

performance monitoring tools. 

Studies were selected based on clear criteria: relevance to business intelligence tools, inclusion of strategic 

dashboards as visual or operational assets, technological underpinnings such as machine learning, cloud platforms, 

or predictive analytics, and methodological soundness including empirical data or validated models. Studies also 

had to demonstrate their implications for real-time decision-making, data governance, or enterprise 

transformation, aligning with the review's thematic scope. 

Data extraction from each study focused on publication metadata, objective, methods, BI tools discussed, 

dashboard types implemented, technical frameworks, reported outcomes, and recommendations. The extracted 

data was then subjected to a qualitative synthesis process that involved comparative interpretation, thematic 

coding, and frequency mapping to identify prevailing trends, gaps, innovations, and overlapping conceptual 

frameworks. 

The PRISMA flow diagram visually represents the inclusion process, documenting each phase of the selection 

pathway: from identification and screening through to eligibility and final inclusion. The synthesis underscores 
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the growing integration of AI and predictive models in BI ecosystems, the role of cloud-based dashboards in 

strategic monitoring, and the proliferation of use-specific BI frameworks across finance, energy, manufacturing, 

healthcare, and retail. 

This systematic review provides a structured, evidence-based foundation for understanding the current landscape 

and future trajectories of business intelligence and dashboarding practices, contributing meaningful insights to 

both academia and industry stakeholders. 

 
Figure 1: PRISMA Flow chart of the study methodology 

2.2.  Overview of Business Intelligence Tools 

Business Intelligence (BI) tools are software applications designed to collect, integrate, analyze, and present 

business data in ways that support informed decision-making. These tools enable organizations to transform raw 

data into actionable insights through interactive dashboards, data visualizations, reports, and predictive analytics. 

The core functions of BI tools include data extraction from multiple sources, data transformation and cleansing, 

integration into a unified data warehouse, and analytical processing that supports strategic, tactical, and 

operational decisions (Adepoju, et al., 2022, Kanu, et al., 2022, Ogunwole, et al., 2022). Additionally, BI tools 

often feature embedded analytics, data storytelling capabilities, and real-time monitoring to help users track key 

performance indicators (KPIs) and make proactive decisions in competitive business environments. 

Over time, BI tools have evolved from traditional enterprise reporting systems into modern, self-service platforms 

that empower non-technical users to explore data without needing support from IT departments. Traditional BI 

tools were characterized by centralized data models, rigid report templates, and complex deployment 

architectures (Adepoju, et al., 2021, Daraojimba, et al., 2021). These tools required significant involvement from 

IT teams to prepare data, create reports, and update dashboards. While they were suitable for standard reporting 

and governed analytics, their limitations in agility, speed, and usability often restricted their effectiveness in fast-

paced business contexts. Figure 2 shows Business Intelligence tools as presented by El Deen & Solayman, 2015. 
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Figure 2: Business Intelligence tools (El Deen & Solayman, 2015). 

Modern BI tools, by contrast, are designed with user-centric interfaces, drag-and-drop functionalities, and natural 

language query features that allow business users to create visualizations, generate insights, and collaborate in real 

time. These self-service platforms support a democratization of analytics, encouraging broader adoption of data-

driven practices across organizational hierarchies (Chukwuma-Eke, Ogunsola & Isibor, 2021, Odio, et al., 2021). 

Moreover, modern BI tools emphasize cloud-native architectures, AI-assisted analysis, and seamless integration 

with diverse data sources, from relational databases and ERP systems to social media and IoT devices. This shift 

from traditional to modern BI platforms reflects a broader trend toward agile analytics, continuous innovation, 

and cross-functional decision-making (Bristol-Alagbariya, Ayanponle & Ogedengbe, 2022, Ogbuagu, et al., 2022). 

In this systematic review, five of the most widely used and influential BI tools have been selected for analysis: 

Microsoft Power BI, Tableau, Qlik Sense, Looker, and SAP BusinessObjects. Each of these platforms brings unique 

strengths and caters to different organizational needs and technological preferences. 

Microsoft Power BI, a product of the Microsoft ecosystem, has become one of the most popular self-service BI 

tools in the market. It offers seamless integration with Microsoft products such as Excel, Azure, and Dynamics 

365, making it particularly attractive to organizations already embedded in the Microsoft environment. Power 

BI’s user-friendly interface allows users to create dashboards and visualizations with minimal technical expertise. 

It also features strong data connectivity options, built-in AI capabilities, and an active community that supports 

rapid development and knowledge sharing (Alonge, et al., 2021, Egbumokei, et al., 2021). Power BI is praised for 

its affordability and flexible licensing, especially for small and medium-sized enterprises (SMEs) looking to adopt 

BI at scale. The four steps involved in BI and their related processes preseted by Jinpon, Jaroensutasinee & 

Jaroensutasinee, 2011, is shown in figure 3. 
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Figure 3: Four steps involved in BI and their related processes (Jinpon, Jaroensutasinee & Jaroensutasinee, 2011). 

Tableau, acquired by Salesforce, is another leading BI tool known for its robust data visualization capabilities and 

intuitive user interface. Tableau supports a wide range of data sources, including cloud services, big data platforms, 

and on-premise databases. One of its standout features is its ability to handle large volumes of data while 

providing rich, interactive visual storytelling. Tableau’s community-driven ecosystem and extensive online 

resources have contributed to its widespread adoption across industries (Basiru, et al., 2022, Ezeife, et al., 2022). 

While it offers powerful functionalities for advanced analytics and dashboard customization, Tableau’s pricing 

can be a limiting factor for some smaller organizations. Nonetheless, it remains a top choice for enterprises 

prioritizing data exploration and presentation. 

Qlik Sense, developed by Qlik, introduces a unique associative data model that enables users to explore 

relationships across data sources without being confined to linear query paths. Unlike traditional SQL-based tools, 

Qlik Sense allows users to freely navigate through data, uncovering hidden insights and anomalies with ease. Its 

self-service capabilities are supported by strong governance features, making it suitable for both business users 

and data professionals (Onukwulu, et al., 2021, Oyegbade, et al., 2021). Qlik’s emphasis on augmented analytics, 

in-memory processing, and real-time collaboration positions it as a powerful platform for interactive analysis and 

agile decision-making. However, the learning curve associated with its scripting language can be a challenge for 

new users. 

Looker, now part of Google Cloud, is a cloud-native BI platform that differentiates itself through its use of 

LookML, a modeling language that enables developers to define data relationships in a centralized and reusable 

way. Looker’s architecture promotes data consistency and governance, allowing organizations to build scalable 

and secure analytics environments. It integrates well with cloud data warehouses such as BigQuery, Snowflake, 

and Redshift, and supports embedded analytics that can be deployed within custom applications or customer-

facing portals (Collins, Hamza & Eweje, 2022, Fredson, et al., 2022). While Looker is well-suited for organizations 

prioritizing governance and cloud-native analytics, its reliance on LookML may require technical expertise that is 

less conducive to self-service analytics. Colmenares-Quintero, et al., 2021, presented in figure 4, Business 

intelligence elements. 
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Figure 4: Business intelligence elements (Colmenares-Quintero, et al., 2021). 

SAP BusinessObjects represents the traditional enterprise BI segment, offering a comprehensive suite of reporting, 

dashboarding, and ad hoc query tools. It is widely used in large, regulated industries such as manufacturing, 

finance, and healthcare, where standardized reporting and compliance are paramount. BusinessObjects is known 

for its strong integration with SAP ERP systems and its ability to manage complex, large-scale enterprise 

reporting environments. However, it lags behind more modern tools in terms of user experience, agility, and 

cloud capabilities (Austin-Gabriel, et al., 2021, Fredson, et al., 2021). Its reliance on IT for report development 

and maintenance also limits its appeal in organizations moving toward decentralized and agile analytics practices. 

To compare these tools systematically, a matrix considering key dimensions such as features, integration, pricing, 

and scalability is essential. In terms of features, Tableau and Power BI lead in ease of use and data visualization, 

while Qlik Sense excels in associative data exploration. Looker is strongest in modeling and governance, and SAP 

BusinessObjects offers robust enterprise reporting and compliance capabilities. On the integration front, Power BI 

benefits from tight connectivity with Microsoft products, while Looker integrates natively with Google Cloud. 

Tableau and Qlik support a broader range of third-party connectors, offering flexibility across diverse data 

environments (Onaghinor, et al., 2021, Oyeniyi, et al., 2021). 

Pricing varies considerably across platforms. Power BI offers one of the most cost-effective entry points, with per-

user licensing and a free desktop version. Tableau and Qlik, while feature-rich, require higher investment, 

particularly for enterprise deployments. Looker operates on a customized pricing model, typically suited to large-

scale cloud-native organizations. SAP BusinessObjects follows a traditional licensing approach, often bundled 

with SAP ERP solutions (Onukwulu, Agho & Eyo-Udo, 2022, Otokiti, et al., 2022). 

Scalability is another key consideration. Power BI and Tableau scale effectively in both on-premise and cloud 

environments, with options for enterprise-grade deployments. Looker is inherently scalable within cloud-native 

infrastructures, while Qlik Sense offers strong horizontal scaling for high-performance analytics. SAP 

BusinessObjects remains scalable within traditional enterprise environments but lacks the agility and elasticity of 

cloud-native counterparts (Chukwuma-Eke, Ogunsola & Isibor, 2021, Ojika, et al., 2021). 

In summary, the BI landscape is characterized by a diverse range of tools, each with distinct strengths and trade-

offs. Microsoft Power BI excels in affordability and integration within Microsoft ecosystems. Tableau leads in 

visualization and user engagement. Qlik Sense offers flexibility and associative analysis for deep exploration. 

Looker emphasizes governance, modeling, and cloud-native deployment. SAP BusinessObjects caters to regulated 

industries requiring robust reporting and compliance. Understanding these nuances is essential for organizations 

seeking to align their BI strategy with business objectives, data infrastructure, and user needs (Alonge, et al., 2021, 
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Isi, et al., 2021, Okolie, et al., 2021). This systematic review lays the foundation for a comprehensive analysis of 

dashboarding techniques and implementation frameworks in subsequent sections. 

2.3.  Strategic Dashboarding Techniques 

Dashboards have become an indispensable component of business intelligence ecosystems, serving as visual 

interfaces that consolidate and communicate essential data insights in a format that supports informed and timely 

decision-making. A dashboard is defined as a data visualization tool that aggregates, organizes, and displays key 

metrics and performance indicators on a single screen, allowing users to monitor the health, trends, and outcomes 

of various business operations (Adepoju, et al., 2022, Isibor, et al., 2022, Ogunwole, et al., 2022). The strategic 

importance of dashboards lies in their ability to translate complex datasets into actionable information, enabling 

executives, managers, and operational teams to track objectives, identify inefficiencies, and respond proactively to 

emerging challenges. In a world increasingly driven by data, dashboards function not only as reporting tools but 

also as decision support systems that bridge the gap between data analysis and strategic execution. 

Dashboards serve multiple purposes and are generally categorized based on their intended use and audience. The 

three primary types of dashboards are operational, analytical, and strategic, each tailored to meet specific 

informational needs within an organization. Operational dashboards are designed to monitor real-time activities 

and processes. They are often used by front-line teams and middle managers to track short-term performance 

metrics such as production rates, sales volumes, or customer service response times (Gas & Kanu, 2021, Elujide, et 

al., 2021, Okolie, et al., 2021). These dashboards typically feature live data feeds, frequent updates, and alerts to 

draw immediate attention to anomalies or bottlenecks that require quick intervention. 

Analytical dashboards, on the other hand, are intended for data exploration and in-depth analysis. They provide a 

comprehensive view of data trends, correlations, and patterns over time. Users can perform comparisons, segment 

data sets, and apply filters to uncover insights that inform strategic planning or process improvement. These 

dashboards are commonly used by data analysts, financial planners, and business intelligence professionals to 

conduct historical analysis, forecast outcomes, and derive data-driven recommendations (Idris, et al., 2012, 

Olamijuwon, 2020, Olutade & Chukwuere, 2020). 

Strategic dashboards are primarily utilized by senior executives and decision-makers to evaluate the long-term 

performance and direction of the organization. These dashboards focus on high-level KPIs (Key Performance 

Indicators) aligned with organizational goals such as revenue growth, market share, customer retention, or 

sustainability metrics. Unlike operational dashboards that demand immediate action, strategic dashboards provide 

a contextual overview that supports strategic alignment, resource allocation, and performance benchmarking. 

They are usually updated on a periodic basis and are designed to provide clarity rather than granular detail 

(Onukwulu, et al., 2022, Sobowale, et al., 2022). 

Regardless of type, effective dashboards are characterized by a set of key features that enhance their usability, 

relevance, and impact. Chief among these features are well-defined KPIs, which serve as the central elements of 

dashboard content (Charles, et al., 2022, Daraojimba,et al., 2022). KPIs must be carefully selected to reflect the 

objectives of the business and the needs of the target audience. Each KPI should be clearly labeled, regularly 

updated, and tied to specific goals, whether it is customer satisfaction, net profit margin, or average resolution 

time. 

Drill-down capabilities add a layer of interactivity to dashboards by allowing users to explore underlying data 

behind summary metrics. For instance, a high-level revenue figure may be broken down by product category, 

geography, or time period with just a click, providing deeper insight into performance drivers. This feature 
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supports both exploration and explanation, empowering users to move seamlessly from overview to detail without 

requiring external reports or data queries. 

Alerts and notifications further enhance the dashboard’s utility by drawing immediate attention to outliers or 

deviations from expected thresholds (Onukwulu, et al., 2021, Paul, et al., 2021). These alerts can be configured as 

visual signals (e.g., red indicators) or as automated messages sent via email or SMS, helping users stay informed 

even when not actively monitoring the dashboard. Alerts facilitate swift decision-making and minimize risks by 

prompting timely interventions. 

Interactivity is another crucial feature that distinguishes modern dashboards from static reports. Interactive 

dashboards support dynamic filtering, parameter selection, user-defined views, and the ability to toggle between 

metrics or timeframes. This functionality enables personalized analysis and accommodates diverse user 

preferences. Mobile access complements this flexibility by ensuring that dashboards are accessible anytime and 

anywhere through smartphones and tablets. In an era of remote work and distributed teams, mobile-optimized 

dashboards support agile decision-making and continuous engagement (Bristol-Alagbariya, Ayanponle & 

Ogedengbe, 2022, Ogunnowo, et al., 2022). 

To maximize their effectiveness, dashboards must be designed according to a set of best practices that prioritize 

clarity, relevance, and usability. Simplicity is a guiding principle in dashboard design. Overloading a dashboard 

with excessive metrics, complicated charts, or distracting visual elements can hinder comprehension and reduce 

user engagement. The most effective dashboards present a limited set of critical metrics that align directly with 

the user’s role and responsibilities. Layouts should be clean and intuitive, with a logical flow that guides the 

viewer’s attention from summary to detail (Achumie, et al., 2022, Govender,et al., 2022). 

Alignment with organizational goals is equally vital. A dashboard should not be a random collection of charts but 

a coherent narrative that tells the story of progress toward strategic objectives. This requires close collaboration 

between dashboard designers, business leaders, and subject matter experts to ensure that selected KPIs reflect 

what truly matters to the business. Consistency in design elements—such as colors, fonts, labeling conventions, 

and chart types—supports readability and reinforces brand identity. Uniform use of colors for positive and 

negative trends, consistent axis scales, and standardized terminology ensures that users can interpret information 

quickly and accurately across different dashboards. 

Responsiveness in dashboard performance and design is another important consideration. Dashboards must load 

quickly, update regularly, and respond promptly to user interactions. In terms of visual design, dashboards should 

adapt to different screen sizes and device orientations without compromising readability or functionality. This 

requires responsive layouts, scalable visualizations, and optimized data queries that balance performance with 

accuracy (Onukwulu, Agho & Eyo-Udo, 2021, Paul, et al., 2021). 

User training and feedback loops are also essential components of successful dashboard implementation. Even the 

most well-designed dashboards may fall short if users are not equipped to interpret or act on the information 

presented. Organizations should invest in user onboarding, documentation, and support mechanisms to ensure 

adoption and engagement. Continuous feedback from users should be incorporated into iterative design cycles, 

allowing dashboards to evolve with changing business needs and technological advancements (Chukwuma, et al., 

2022, Ikwuanusi, et al., 2022, Okolie, et al., 2021). 

Moreover, the integration of storytelling elements—such as annotations, contextual explanations, and visual 

cues—can significantly enhance the interpretability and persuasive power of dashboards. Instead of simply 

presenting data, dashboards can be designed to communicate insights, highlight trends, and guide users toward 
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recommended actions. This narrative approach supports decision-making by linking numbers to strategic 

narratives and business outcomes (Alonge, et al., 2021, Elujide, et al., 2021). 

In conclusion, dashboards are vital instruments for translating data into strategy, enabling organizations to 

operate with greater clarity, agility, and alignment. The different types of dashboards—operational, analytical, 

and strategic—serve varied but complementary functions in supporting data-informed decisions. Their 

effectiveness hinges on key features like KPIs, interactivity, drill-down capabilities, alerts, and mobile access. Best 

practices in dashboard design—centered on simplicity, goal alignment, consistency, and responsiveness—ensure 

that these tools remain both powerful and user-friendly (Bristol-Alagbariya, Ayanponle & Ogedengbe, 2022, 

Ogunwole, et al., 2022). As organizations continue to expand their data assets and pursue digital transformation, 

strategic dashboarding techniques will remain central to realizing the full value of business intelligence systems. 

This systematic review of dashboarding approaches lays the groundwork for further exploration into 

implementation frameworks, performance impacts, and emerging innovations in the field. 

2.4.  Trends and Innovations in BI and Dashboards 

In the rapidly evolving landscape of business intelligence (BI) and strategic dashboarding, emerging technologies 

and innovative approaches are reshaping how organizations derive value from their data. Traditional BI solutions, 

once confined to static reports and retrospective analysis, are being transformed by trends that prioritize agility, 

intelligence, and accessibility. These innovations are driven by the increasing complexity of data ecosystems, the 

growing demand for real-time decision-making, and the need for more intuitive and automated user experiences. 

Among the most impactful trends are the widespread adoption of cloud-based BI and software-as-a-service (SaaS) 

models, the integration of artificial intelligence (AI) and machine learning (ML), the rise of real-time and 

streaming analytics, and the evolution of natural language processing (NLP) for data storytelling and 

conversational analytics. 

Cloud-based BI has become a defining feature of modern analytics strategies, offering flexibility, scalability, and 

cost-efficiency that traditional on-premises solutions often lack. In the past, BI deployments required significant 

investments in infrastructure, ongoing maintenance, and complex data integration setups. Cloud BI platforms 

eliminate many of these barriers by providing on-demand access to analytics tools, centralized data storage, and 

seamless updates (Abisoye & Olamijuwon, 2022, Odionu, et al., 2022). With the SaaS model, organizations can 

scale their BI capabilities up or down based on usage and business needs, paying only for the services they 

consume. This accessibility has democratized business intelligence, enabling smaller organizations and non-

technical users to participate in data-driven decision-making. 

Major BI vendors, including Microsoft, Google, Salesforce, and SAP, have heavily invested in cloud-native 

versions of their analytics platforms. Microsoft Power BI, for example, offers extensive integration with Azure 

services, while Google’s Looker provides tight connectivity with BigQuery and other GCP components. These 

integrations enable users to perform complex analytics tasks without needing to move data across platforms, 

thereby reducing latency and improving data security. Furthermore, cloud-based BI systems facilitate 

collaboration across geographically dispersed teams, providing real-time access to dashboards and reports from 

any device (Chukwuma-Eke, Ogunsola & Isibor, 2021, Nwabekee, et al., 2021). The shift to the cloud has also 

spurred the development of embedded analytics, where BI capabilities are integrated directly into business 

applications, portals, or customer-facing platforms, extending the reach and relevance of analytics across the 

organization. 

Another transformative trend is the incorporation of AI and ML into BI platforms to support predictive analytics, 

automated insights, and intelligent visualizations. While traditional dashboards are effective for displaying 
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historical data and monitoring key metrics, AI-enhanced BI goes a step further by uncovering hidden patterns, 

forecasting trends, and suggesting actions. Machine learning models can be trained on historical datasets to 

predict future outcomes such as customer churn, inventory needs, or sales performance (Babalola, et al., 2021, 

Ezeife, et al., 2021). These predictive capabilities help organizations move from reactive to proactive strategies, 

allowing them to anticipate challenges and seize opportunities in advance. 

AI also powers features such as anomaly detection, where the system automatically flags irregularities in data that 

may indicate errors, fraud, or emerging risks. Some platforms use recommendation engines that suggest the most 

relevant visualizations or metrics based on user behavior and contextual analysis. Automated data preparation is 

another area where AI adds value, reducing the time and effort needed to clean, transform, and integrate data 

from diverse sources (Onaghinor, et al., 2021, Owobu, et al., 2021). Additionally, smart visualizations use AI to 

select the most appropriate chart types or layouts for the data being analyzed, improving interpretability and user 

engagement. These innovations reduce the reliance on data specialists and empower business users to extract 

insights more independently and efficiently. 

Real-time and streaming analytics represent another significant innovation in the BI space, driven by the 

increasing need for up-to-the-minute information in fast-paced environments. In traditional BI systems, data is 

typically processed in batches and refreshed periodically, resulting in latency that can hinder timely decision-

making. However, in industries such as finance, logistics, telecommunications, and retail, delays of even a few 

minutes can translate into missed opportunities or heightened risk. Real-time analytics addresses this gap by 

enabling continuous ingestion, processing, and visualization of data as it is generated (Collins, Hamza & Eweje, 

2022, Odunaiya, Soyombo & Ogunsola, 2022). 

Streaming analytics platforms, such as Apache Kafka, Amazon Kinesis, and Azure Stream Analytics, are often 

integrated into modern BI workflows to handle high-velocity data streams. These platforms support use cases 

such as real-time fraud detection, network performance monitoring, dynamic pricing adjustments, and customer 

sentiment analysis from social media feeds. Dashboards connected to streaming data sources can update in real 

time, displaying live metrics and alerts that support immediate decision-making. This capability is especially 

valuable for operational dashboards used in control rooms, call centers, or field operations, where responsiveness 

is critical (Adepoju, et al., 2022, Hamza, Collins & Eweje, 2022). The ability to analyze and act on real-time data 

not only enhances situational awareness but also enables organizations to create more agile, customer-centric 

processes. 

Natural Language Processing (NLP) is another cutting-edge innovation transforming the way users interact with 

data and derive insights. NLP allows users to query data using natural, conversational language rather than 

complex syntax or programming languages. This capability significantly lowers the barrier to entry for non-

technical users, enabling more people within the organization to ask questions and retrieve answers from their BI 

systems. For example, instead of building a complex SQL query, a user could simply ask, “What were our top five 

selling products last quarter in the North America region?” and receive an accurate, visualized response 

(Onukwulu, et al., 2021, Owobu, et al., 2021). 

Advanced BI platforms now include NLP-powered search boxes, voice-enabled analytics, and chatbots that can 

interpret user intent and provide contextually relevant results. NLP also supports automated data storytelling, a 

technique that combines data visualization with narrative explanations. Rather than presenting raw charts and 

figures, the dashboard tells a story—highlighting trends, comparing benchmarks, and suggesting interpretations. 

This approach makes analytics more engaging and actionable, especially for stakeholders who may not have the 
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time or expertise to interpret complex data sets (Bristol-Alagbariya, Ayanponle & Ogedengbe, 2022, Sobowale, et 

al., 2021). 

NLP and data storytelling enhance communication, collaboration, and decision-making by making insights more 

accessible, relatable, and aligned with business goals. In executive settings, where strategic dashboards are used to 

support high-level discussions, narrative-driven analytics can provide clarity and context, driving consensus and 

guiding strategic direction. 

As these trends and innovations continue to mature, the convergence of cloud computing, AI, real-time analytics, 

and NLP is creating a new generation of BI systems that are not only faster and more powerful but also more 

human-centric. These systems are designed to understand user intent, adapt to individual preferences, and 

provide insights in formats that align with how people think and work. The result is a shift from passive reporting 

to active, intelligent decision support systems that guide users through the complexities of their data 

environments. 

In conclusion, the field of business intelligence and dashboarding is undergoing a profound transformation, 

driven by cloud adoption, artificial intelligence, real-time data processing, and natural language capabilities. 

These innovations are not just technological upgrades—they represent a redefinition of how organizations 

interact with data, make decisions, and derive strategic value. As organizations navigate increasingly dynamic and 

competitive landscapes, embracing these trends will be critical to building resilient, data-driven cultures that can 

respond to change with agility, insight, and confidence. This systematic review highlights the central role that 

emerging technologies play in shaping the future of BI and strategic dashboards, setting the stage for more 

intelligent, responsive, and inclusive analytics systems. 

2.5.  Challenges and Limitations 

Conducting a systematic review of business intelligence (BI) tools and strategic dashboarding techniques offers a 

comprehensive perspective on the landscape of modern analytics solutions. However, it also brings to light a 

range of challenges and limitations that continue to affect the successful implementation, adoption, and long-term 

impact of BI systems in organizational settings. While these technologies promise data-driven transformation and 

enhanced decision-making, the realization of their full potential is often constrained by several persistent issues. 

Among the most significant are data quality and integration challenges, user adoption and training gaps, concerns 

around security, privacy, and governance, and the risks of tool fatigue and excessive customization. 

One of the most fundamental challenges in the application of BI tools is the issue of data quality and integration. 

Business intelligence systems are only as reliable as the data they process. In many organizations, data is stored in 

silos across multiple departments, systems, and platforms, often in inconsistent formats or with incomplete 

records. Integrating these disparate sources into a unified and coherent dataset is a technically complex and 

resource-intensive process (Olutade, Potgieter & Adeogun, 2019, Sobowale, et al., 2021). Inconsistent naming 

conventions, outdated data, duplicate entries, and missing values can all undermine the accuracy and usability of 

insights derived from BI tools. Even with advanced extract-transform-load (ETL) pipelines and integration 

connectors offered by modern BI platforms, ensuring the semantic alignment and contextual integrity of data 

remains a persistent obstacle. 

Moreover, as organizations increasingly adopt cloud-based and hybrid infrastructures, the integration of on-

premise legacy systems with modern BI platforms becomes even more complicated. These legacy systems may 

lack APIs or standardized interfaces, requiring custom development and middleware solutions. Additionally, data 

latency issues may arise when synchronizing real-time or streaming data with batch-oriented sources, leading to 

inconsistencies in dashboards and reports (Olutade, Potgieter & Adeogun, 2019, Sobowale, et al., 2021). Without 
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clean, timely, and integrated data, even the most sophisticated BI tools fail to deliver accurate or actionable 

insights, reducing user trust and diminishing return on investment. 

Alongside technical hurdles, there is a significant human element that affects the success of BI and dashboarding 

initiatives—namely, user adoption and training gaps. Many organizations invest in powerful BI platforms only to 

find that end-users struggle to engage with them effectively. This can be attributed to a lack of training, resistance 

to change, or insufficient alignment between the dashboard's design and the user's actual needs. BI tools often 

offer a wide array of features, but without proper onboarding and continuous learning opportunities, users may 

not take full advantage of these capabilities (Mustapha, Adeoye & AbdulWahab, 2017, Olutade, 2020). 

Executives may find dashboards too granular or too technical, while operational staff may find them too abstract 

or misaligned with their daily workflows. Poorly designed interfaces, cluttered visualizations, or overwhelming 

amounts of data can create confusion rather than clarity. When users cannot easily interpret or trust the insights 

presented, they are more likely to revert to manual processes or familiar tools like spreadsheets, thereby bypassing 

the BI system entirely (Nwabekee, et al., 2021, Odunaiya, Soyombo & Ogunsola, 2021). This gap in user 

engagement not only reduces the strategic value of the dashboarding solution but also contributes to 

organizational silos and fragmented decision-making. 

To overcome these challenges, training programs and user-centric design practices are essential. However, these 

require additional investments in time, resources, and internal advocacy, which not all organizations are prepared 

to make. In rapidly evolving business environments, where time-to-value is critical, the perception of steep 

learning curves or delayed benefits can undermine stakeholder buy-in and long-term adoption. 

Security, privacy, and data governance concerns also represent significant limitations in the systematic 

application of BI tools. As these platforms aggregate sensitive business data—including financial records, customer 

information, employee performance, and strategic plans—they become attractive targets for cyber threats and 

internal misuse. Ensuring the security of data pipelines, user authentication processes, and access controls is 

critical, especially in regulated industries where data breaches can lead to legal penalties and reputational damage 

(Alonge, et al., 2021, Hassan, et al., 2021). 

Privacy regulations such as the General Data Protection Regulation (GDPR) in Europe, the California Consumer 

Privacy Act (CCPA) in the United States, and other regional frameworks impose strict requirements on how data 

is collected, stored, and shared. BI tools must therefore support data masking, anonymization, and audit trails to 

comply with these standards. Moreover, data governance—the policies and procedures that ensure data quality, 

consistency, and accountability—must be embedded into the BI lifecycle. This includes clear role definitions, data 

stewardship practices, and metadata management (Onukwulu, et al., 2022, Oyeniyi, et al., 2022). 

Unfortunately, many organizations lack a mature data governance framework or fail to integrate governance 

considerations into the design and deployment of BI systems. As a result, users may encounter conflicting data 

definitions, outdated reports, or unauthorized data access, all of which erode confidence in the system and impede 

decision-making. Additionally, in decentralized organizations or those with complex hierarchies, establishing a 

single source of truth across departments can be politically sensitive and operationally difficult, further 

complicating governance efforts (Adeleke, Igunma & Nwokediegwu, 2021, Isibor, et al., 2021). 

A final, often underestimated challenge is the phenomenon of tool fatigue and over-customization. As 

organizations attempt to address diverse reporting needs and stakeholder preferences, there is a tendency to 

deploy multiple BI tools or create highly customized dashboards for each department, function, or role. While 

this may appear to increase relevance and personalization, it can also lead to fragmentation, duplication, and 

maintenance overhead. Users may become overwhelmed by having to navigate several different platforms or 
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dashboards, each with its own login credentials, interface quirks, and reporting structures (Chianumba, et al., 

2021, Hussain, et al., 2021). 

Tool fatigue sets in when the cognitive effort to engage with BI tools outweighs the perceived benefit. This results 

in disengagement, lower usage rates, and inconsistent data interpretations across teams. Over-customization 

exacerbates the issue by making it difficult to standardize training, enforce governance policies, or upgrade 

systems without breaking dependencies. Moreover, the proliferation of dashboards can lead to information 

overload, where users are inundated with metrics but lack a coherent narrative or strategic context to guide 

decisions. 

To mitigate these risks, organizations must balance customization with standardization, ensuring that dashboards 

are purpose-driven, user-friendly, and strategically aligned. Centralized governance combined with federated 

design approaches can help manage the diversity of needs without compromising consistency or usability 

(Balogun, Ogunsola & Ogunmokun, 2022, Ogbuagu, et al., 2022). Additionally, adopting an iterative design 

philosophy—where dashboards are continuously refined based on user feedback—can reduce redundancy and 

promote sustained engagement. 

In conclusion, while business intelligence tools and strategic dashboarding techniques offer powerful means to 

harness data for competitive advantage, their effective implementation is not without significant challenges and 

limitations. Data quality and integration issues threaten the reliability of insights. User adoption is hindered by 

training gaps and usability concerns. Security and governance remain critical risks in the age of data privacy 

regulations (Onukwulu, Agho & Eyo-Udo, 2022, Oyegbade, et al., 2022). And tool fatigue and over-customization 

can dilute the strategic value of dashboarding initiatives. These obstacles underscore the need for a holistic 

approach that combines technological excellence with organizational readiness, stakeholder engagement, and 

continuous improvement. Only by addressing these interconnected challenges can organizations unlock the full 

potential of business intelligence in driving informed, agile, and impactful decisions. 

2.6.  Framework for BI Tool and Dashboard Selection 

Selecting the appropriate Business Intelligence (BI) tool and dashboarding solution is a strategic decision that 

directly impacts an organization's ability to harness data for operational efficiency and competitive advantage. 

Given the proliferation of BI tools in the market—each with its unique features, architecture, and integration 

capabilities—a well-structured selection framework is essential to guide organizations in aligning their choices 

with both technical requirements and strategic objectives. This framework must account for a comprehensive set 

of criteria that reflect the organization’s size, data maturity, user needs, budget constraints, and long-term 

business goals. The systematic review of existing BI tools and strategic dashboarding techniques reveals several 

key factors and real-world examples that illustrate how different organizations approach tool selection to 

optimize data-driven decision-making. 

The first layer of this framework involves evaluating core criteria such as scalability, cost-effectiveness, 

integration capabilities, and ease of use. Scalability is a critical consideration, especially for organizations 

experiencing rapid growth or managing high volumes of data across multiple departments and locations. A 

scalable BI tool must be capable of handling increasing numbers of users, growing data sets, and expanding 

analytical requirements without significant performance degradation or additional complexity (Chukwuma-Eke, 

Ogunsola & Isibor, 2021, Ogunnowo, et al., 2021). Tools like Microsoft Power BI and Google Looker have 

demonstrated strong scalability due to their cloud-native architectures and ability to integrate seamlessly with 

cloud data warehouses such as Azure Synapse, BigQuery, and Snowflake. This allows businesses to scale up or 
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down as needed, paying for only what they consume, which is particularly advantageous for dynamic or budget-

conscious organizations. 

Cost is another vital factor in tool selection. While some BI platforms offer competitive pricing for small teams or 

individual users, total cost of ownership (TCO) over time must also include licensing, training, support, 

infrastructure, and potential upgrade expenses. Power BI, for instance, is often favored by small to mid-sized 

organizations due to its accessible pricing and inclusion within the Microsoft ecosystem. On the other hand, 

platforms like Tableau or Qlik may offer more advanced functionalities and customizations but come with a 

higher cost, making them more suitable for organizations with complex, enterprise-level needs and the budgets to 

match (Achumie, et al., 2022, Ige, et al., 2022, Okolie, et al., 2022). In the systematic review, it was observed that 

many organizations underestimated the indirect costs associated with BI implementation—particularly the 

investment in training, change management, and ongoing maintenance—which can lead to delays in achieving 

return on investment. 

Ease of use is also paramount, especially in self-service BI environments where non-technical users are expected 

to engage with dashboards, create ad-hoc reports, and explore data independently. Tools with intuitive interfaces, 

drag-and-drop features, natural language querying, and rich documentation promote wider adoption and 

minimize reliance on IT departments (Attah, Ogunsola & Garba, 2022, Kanu, et al., 2022). Tableau is often cited 

for its superior user experience and visual storytelling capabilities, while Power BI’s integration with Excel and 

Office 365 enhances its accessibility to business users familiar with Microsoft tools. Looker, by contrast, 

emphasizes governed metrics and developer-centric modeling through LookML, which may limit its usability for 

less technical stakeholders but adds value in organizations that prioritize consistency and governance over 

flexibility. 

Beyond technical features, the selected BI tool and dashboarding solution must align strategically with the 

organization’s overarching business objectives. This alignment ensures that the BI investment supports key 

priorities such as customer engagement, operational efficiency, compliance, and innovation. Strategic alignment 

requires organizations to first identify their most critical questions and decisions—whether related to sales 

performance, supply chain visibility, workforce productivity, or financial forecasting—and then determine how 

data and dashboards can support those decisions with precision and clarity (Onukwulu, et al., 2022, Sikirat, 2022). 

For instance, in one of the case examples reviewed, a multinational logistics company adopted Qlik Sense to 

enhance its real-time operational visibility and optimize delivery schedules. The selection of Qlik was driven by 

its associative data model, which allowed for rapid exploration of relationships between routes, delivery times, 

and customer feedback. The dashboards were designed with mobile access and geospatial analytics in mind, 

enabling field supervisors to make data-driven decisions on the go (Alonge, et al., 2021, Hassan, et al., 2021, 

Olutade, 2021). This strategic alignment between the tool’s capabilities and the organization’s logistics objectives 

resulted in measurable improvements in delivery efficiency and customer satisfaction. 

Another case study involved a large retail chain that implemented Tableau to support its marketing and 

merchandising teams. Tableau’s strong visualization capabilities and ability to integrate data from point-of-sale 

systems, customer loyalty databases, and social media analytics were critical in providing comprehensive insights 

into customer behavior and product performance. The dashboards facilitated targeted promotions, inventory 

adjustments, and personalized customer experiences, directly contributing to increased revenue and brand 

engagement. Here, the selection process emphasized not just the technical strength of the tool but its ability to 

drive specific business outcomes (Bristol-Alagbariya, Ayanponle & Ogedengbe, 2022). 
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A healthcare provider featured in the systematic review chose Microsoft Power BI due to its seamless integration 

with Microsoft Dynamics, SharePoint, and Azure Active Directory. The provider’s objective was to enhance 

patient care quality by monitoring clinical performance metrics and improving compliance with regulatory 

standards. The dashboards developed allowed department heads to monitor readmission rates, treatment timelines, 

and resource utilization. The simplicity of the interface made it easier for clinical staff to access and interpret data 

without additional IT support. In this case, the strategic alignment was rooted in improving operational 

transparency and regulatory compliance while leveraging existing Microsoft infrastructure to minimize costs 

(Onukwulu, et al., 2021, Otokiti, et al., 2021). 

The systematic review also uncovered examples where misalignment between tool capabilities and organizational 

needs led to suboptimal outcomes. In one instance, a financial institution implemented a high-end BI platform 

with extensive customization features but failed to secure user adoption due to the platform’s complexity and 

steep learning curve. Although the tool was technically robust, it lacked the usability and accessibility needed by 

front-line decision-makers, leading to minimal engagement and continued reliance on legacy reporting systems 

(Onukwulu, et al., 2021, Otokiti, et al., 2021). This case underscores the importance of selecting a tool that not 

only meets technical specifications but also matches the skills, workflows, and preferences of its intended users. 

In forming a practical framework for BI tool and dashboard selection, organizations must follow a structured 

approach that includes stakeholder engagement, requirement analysis, vendor evaluation, pilot testing, and 

strategic alignment mapping. This process should begin with a thorough assessment of business needs, existing 

data infrastructure, and user personas. Stakeholder workshops and user interviews can help identify the most 

critical KPIs, decision workflows, and pain points (Onaghinor, et al., 2021, Onukwulu, Agho & Eyo-Udo, 2021). 

These insights should be used to define selection criteria and evaluate vendor solutions not just on feature 

checklists but also on real-world usability, integration depth, support quality, and vendor stability. 

Pilot implementations or proof-of-concept projects can provide valuable insights into how a tool performs in a 

specific organizational context. These pilots should be evaluated using both technical performance metrics and 

user feedback, allowing decision-makers to assess adoption potential, performance bottlenecks, and training needs. 

Finally, the selected tool must be aligned with a broader analytics strategy that includes data governance, change 

management, and continuous improvement processes (Chianumba, et al., 2021, Juta & Olutade, 2021). 

In conclusion, the selection of a business intelligence tool and dashboarding platform is a multifaceted decision 

that requires balancing technical criteria, user needs, cost considerations, and strategic goals. Through careful 

evaluation and alignment, organizations can choose a solution that not only fits their current environment but 

also scales with their growth and evolves with changing business dynamics (Babalola, et al., 2022, Odunaiya, 

Soyombo & Ogunsola, 2022). The systematic review of leading BI tools and real-world implementation cases 

provides a robust foundation for developing a selection framework that ensures BI investments deliver 

meaningful and sustained value across the enterprise. 

2.7.  Conclusion and Future Directions 

This systematic review of business intelligence (BI) tools and strategic dashboarding techniques has provided a 

comprehensive exploration of the evolving landscape of data-driven decision-making. It has highlighted the 

critical role that BI tools and dashboards play in helping organizations transform complex data into actionable 

insights, enabling them to respond to market dynamics with greater agility, precision, and foresight. The review 

outlined how the shift from traditional, centralized BI platforms to modern, self-service and cloud-native 

solutions has empowered a broader range of users to engage with data directly, thereby fostering a culture of 

informed decision-making across all organizational levels. 
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Key findings from the review emphasize that modern BI tools such as Microsoft Power BI, Tableau, Qlik Sense, 

Looker, and SAP BusinessObjects offer varying strengths in areas such as scalability, integration, visualization, 

and governance. Strategic dashboarding techniques—categorized into operational, analytical, and strategic 

dashboards—demonstrate the importance of tailoring data visualization approaches to the specific informational 

needs of different users. Dashboards equipped with features such as real-time updates, interactivity, drill-down 

capabilities, mobile accessibility, and alerts are not only powerful tools for monitoring and evaluation but also 

serve as catalysts for performance improvement and strategic alignment. 

The integration of emerging technologies has further enhanced the BI ecosystem. Cloud-based platforms and SaaS 

delivery models offer unparalleled flexibility and scalability, while artificial intelligence and machine learning 

add layers of predictive and prescriptive analytics. Real-time and streaming analytics support instant decision-

making, and natural language processing enhances user engagement through conversational queries and 

automated storytelling. Despite these innovations, the review identified persistent challenges, including data 

quality and integration issues, user adoption hurdles, security and governance risks, and the growing problem of 

tool fatigue and over-customization. 

The practical implications of these findings for organizations and practitioners are significant. First, tool selection 

must be strategic and based on well-defined criteria such as scalability, ease of use, cost-effectiveness, and 

alignment with organizational objectives. The implementation of BI tools should be supported by robust training 

programs, clear governance frameworks, and user-centric dashboard design to maximize adoption and long-term 

value. Second, dashboards should be developed with a clear understanding of the intended audience and business 

context, ensuring that they provide relevant, timely, and actionable insights. Design simplicity, consistent 

formatting, and alignment with organizational KPIs are crucial to the success of dashboard initiatives. Third, 

organizations must invest in building a data-driven culture, where data literacy is prioritized and where the use of 

BI tools is integrated into daily workflows, decision-making processes, and performance evaluation systems. 

For future research, several areas merit further exploration. First, there is a need for more empirical studies on the 

long-term impacts of BI tool adoption across different sectors, organizational sizes, and digital maturity levels. 

Comparative studies that examine not only the technical capabilities of BI platforms but also their organizational 

integration, user satisfaction, and ROI outcomes will provide valuable insights for both academia and practice. 

Second, future research should explore the implications of emerging trends such as embedded analytics, edge 

computing, and the integration of BI with Internet of Things (IoT) ecosystems. These areas hold transformative 

potential but require further investigation into their practical application, scalability, and governance. 

Additionally, there is a need to study the intersection of BI and change management more systematically. 

Understanding how organizations can effectively manage the cultural, structural, and behavioral changes 

associated with BI adoption is essential for maximizing its impact. Research should also focus on inclusive design 

and accessibility in dashboards—ensuring that BI tools are usable not only by data professionals but also by 

individuals with varying levels of data literacy and diverse cognitive or physical abilities. 

In conclusion, this review affirms that business intelligence and strategic dashboarding have evolved into 

indispensable pillars of modern organizational strategy. While technological innovations continue to redefine 

what is possible, the true value of BI lies in its thoughtful implementation, human-centered design, and alignment 

with strategic goals. Organizations that embrace these principles—supported by rigorous research and adaptive 

practices—will be well-positioned to unlock deeper insights, foster innovation, and achieve sustained competitive 

advantage in the data-driven future. 
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