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ABSTRACT

Purpose: Social media healthcare is becoming increasingly important in
Article Info healthcare as many individuals seek healthcare information and support
Volume 8, Issue 6
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through online social media platforms. Social media healthcare is an emerging
field; however, it is not clear what factors influence an individual’s acceptance
of its usage. Based on the Unified Theory of Acceptance and Use of Technology
(UTAUT) model, the study explores the factors that influence acceptance of
Publication Issue

November-December-2021

social media usage for healthcare by consumers.

Design/Method: Using a purposive sampling approach, the researchers sent a
validated questionnaire link to participants through social media platforms. A
total of 260 responses from respondents were analyzed using SmartPLS3.
Article History Results: Analysis of the data revealed that performance expectancy, effort
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expectancy, social influence, and satisfaction significantly impact consumers’
behavior intention to embrace social media health information. The effect of
four identified factors: “PE” (B = .415, t-value = 3.194, p < .001), “EE” ( = -.
3.98, t-value = 2.443, p < .015), “SI” (B = .593, t-value = 3.774, p < .000), “SAT”
(B =.312, t-value = 2.676, p < .008).

Conclusions: Social media health is vital to healthcare seekers, especially where
it enables consumers to manage their health. On implication, the study
provides healthcare givers and professionals insight on how to approach and
advance social media healthcare education and interaction with consumers.

Keywords : Healthcare, social media, satisfaction, UTAUT model

I. INTRODUCTION these benefits is the ease and availability of
This

medium has become part of individuals' lives, with

collaboration and information sharing [5].

Social media (SM) features and rapid online

communication have made these platforms popular
among many users [1], [2]. The myriad benefits that
SM offers introduce unique opportunities for both

individuals and organizations [3], [4]. Chief among

many people using it regularly for daily activities [6].
Many mobile phone users use one or more SM
platforms, allowing users to disseminate information

and experiences easily [4], [7]. SM has become a prime
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avenue for facilitating communication between users
and their friends, family, and online community.
Among the information consumers seek on SM is
healthcare-related  information.  Social  media
healthcare is defined as patients seeking healthcare
information and support through online social media
platforms. Health groups and organizations provide
education and counseling services directly to
consumers through SM. Some health seekers use SM
platforms to find quick health information from
unofficial sources [8]. In addition, health seekers
frequently use SM platforms to find support from
others [8]. Health information sharing by unofficial
groups and healthcare providers has opened a new
door for participatory healthcare [9]. Social media’s
participatory nature connects patients with individuals
with similar health conditions and can introduce
individuals to useful information that enables them to
manage their health [10]. In recent years, a number of
social media healthcare have been
[11]

professionals intend to use social media in their daily

studies on

conducted. investigated how  healthcare
work. According to the survey, clinicians use social
media for practical purposes. [12] research into the
impact of social media on healthcare policy and found
has

communication medium that may be used to share

that it grown into a rapidly growing
health policy decisions. It was also emphasized that
effective distribution systems, particularly for health
coverage, should have a strategic goal that is guided by
the viewpoints of patients. [13] evaluated the impact
of social media on dental patients in Saudi Arabia. The
conclusions of the SAS-based study indicated that
patients pay attention to healthcare facilities that have
a social media presence. A similar study [14]
investigated how social media could aid diabetes
patients in managing their condition. Using a core
group, it was discovered that social media
communication can help enhance diabetes treatment
by improving communication outside of clinic
appointments. The researchers concluded that using

social media for these purposes enables diabetics to

control their condition on their own. Social media,
according to studies, provides an environment where
people with comparable illnesses interact and aid one
another. Despite the fact that healthcare practitioners
and public health institutions are still hesitant about
using social media for healthcare purposes, research
shows that social media users are concerned about
health [15]. This

relatively scant research exists on social media health

information notwithstanding,
information seeking behavior intention. Technological
acceptance theories and models, such as the Unified
Theory of Acceptance and Use of Technology (UTAUT)
model, are gaining popularity in the digital health field
[16]-[18]. Using the UTAUT model, this study
explores the factors affecting consumer acceptance of

SM health information in Ghana. Traction

II. LITERATURE REVIEW AND HYPOTHESIS
DEVELOPMENT

A. Unified Theory of Acceptance and Use of
Technology (UTAUT)

The Unified Theory of Acceptance and Use of
Technology (UTAUT), developed as a synthesis of
eight separate technology acceptance models, is one of
the models that researchers in various research
disciplines have used to measure the intention to
engage with technology. The original UTAUT model
was comprised of six primary constructs. Performance
expectancy (PE) is described as a person's belief that by
utilizing the system, he or she would be able to
[19];

expectancy (EE) is a measure of how easy a system is

improve their work performance effort
to use; the degree to which a person believes important
individuals feel he or she should adopt the new system
is referred to as social influence (SI); the degree to
which a person feels that an organization designed
infrastructure exists to facilitate the usage of a system
is known as facilitating conditions (FC) [19]; behavior
intention (BI) and use behavior (UB). Additionally,

there were four moderators: gender, age, experience,
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and voluntariness of use. The first three constructs: PE,
EE, and SI, were used as predictors of behavioral
intention, the expressed intent to interact with new
technology, and FC was the predictor for UB. All the
model constructs were predictors of technology
acceptance [19]. In the original model, FC was directly
linked with UB, and PE, EE, and SI were directly
connected with Bl. In our study, PE, EE, and SI were
used with BI, so FC was taken out of our study.
Satisfaction (SAT) was integrated to assess how it will

influence consumers’ BI to use SM for healthcare.

According to research, consumers utilize the internet
anytime they see additional benefits, such as greater
access to a wider variety of health care information and
the opportunity to communicate with many other
users on a network [5]. It is revealed that social media
utilization seems to have a substantial link with
performance expectations [20]. Social influence and
attitudes, according to other studies, have distinct
effects on various platforms’ usage [21]. Studies have
shown that a person's satisfaction with social media
health information is crucial to consumers’ ability to
keep their healthcare [22]. In similar research, it has
been ascertained that digital transformation and
behavioral intention have a significant influence on
the acceptance and adoption of digital health among
members [23]. Investigating the relationship between
behavior intention and system utilization has
discovered that behavioral intent is a strong predictor
of user acceptance [24]. Studies have shown that
technology performance expectancy positively
influences consumers’ behavior intentions [19], [25]-
[27]. In other studies, it is confirmed that social
influence impacts consumers’ behavioral intentions
[19], [28], [29]. Likewise, it has been indicated that
effort expectancy has a positive relationship with
behavior intention [19], [26], [30]. Based on these
criteria, this study utilizes a modified UTAUT model,
borrowing the following hypotheses from its original

formulation:

H1: Performance expectancy is a predicting factor of
consumers' Bl to use social media for healthcare
purposes.

H2: Effort expectancy has a significant effect on
consumers' Bl to use social media for healthcare
purposes.

H3: Social influence relates positively to consumers' Bl

to use social media for healthcare purposes.

B. Healthcare Satisfaction (SAT)

Patient satisfaction in healthcare delivery; has been
recognized as an essential metric for health care
quality assessment, and it is a vital part of performance
management and clinical efficacy [31]. Customer
satisfaction can be assessed as a client's pleasure, and
it's always regarded as the main factor in a company's
success [32]. It is assumed that healthcare systems'
performance relies on customer satisfaction [33]. In
the healthcare industry, patient satisfaction has an
impact on profit [34]. It has been shown that
satisfaction with digital health information positively
impacts patients' trust [35]. Satisfaction is a critical
factor for predicting consumers' Bls toward accepting
information technology (Koufaris and Hampton-Sosa,
2004; Chao, 2019). Consumers' trust in the internet
and information from health professionals' services
brings satisfaction to patients [38]. Based on this
discussion, we hypothesized that:

H4: Consumer satisfaction is a predicting factor of

consumers' BI to use social media for healthcare

purposes.

II1. Research Methodology
A. Research study design, settings, and participants

This was descriptive cross-sectional research that took
place in the Accra metropolis. The study used primary
data and the responses were obtained from individuals
who own smartphones and use one or more social
media platforms. The study area was chosen based on

the availability of respondents. Based on this, a
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purposive sampling approach was adopted to settle on

the study’s scope.

B. Material and procedure

The study's survey questionnaire was adapted from
previous studies. The questionnaire consisted of
UTAUT model questions from [19] and consumer
satisfaction from [39]. The questionnaire was pretested
for some time before it was sent out to respondents.
The recommendation from the pretest helped the
authors amend the questions to meet the study settings
requirement. The amended items questionnaire was
tested for accuracy, validity, and reliability.
Participants were contacted by mobile phone to
participate in the survey. A well-structured online
questionnaire in English with a link to (Microsoft
Form) was sent to participants by the authors and
The

imported into excel format.

supporting data  collectors. completed
questionnaire was
Respondents answered the questionnaire on a 5-point
Likert scale with values ranging from strongly disagree

(1) to strongly agree (5).

Figure 1. The Research Model

The modified UTAUT model shows the influence of
performance expectancy (PE), effort expectancy (EE),
social influence (SI), and consumer satisfaction (SAT)
on behavior intention (BI). H1 to H4 represent the four
study hypotheses, indicating the predictive weight of

each construct on BI.

C. Model instrument and measurements

Internal consistency Reliability of the data was
assessed using Cronbach’s alpha (CA) and composite
reliability (CR). The assessment of internal consistency
examined to assess the

reliability was one-

dimensionality = of the entire questionnaire
measurements. The convergent validity of the data was
measured using factor loadings and average variance
extracted (AVE). The CR and AVE for each construct
provide coefficients that support the reliability of the
survey used for the study [40]. The parameters were
measured using indicators designed to elicit responses
that were related to the construct [41]. The majority of
researchers employ structural equation modeling
(SEM) to evaluate data as a measurement statistical
method. The original UTAUT model study indicated
adopting the “partial least square” path modeling
approach [19]. The SmartPLS application software
(3.3.0) was used for the path analyses and the
[23].

discriminant validity was assessed using [42].

hypotheses for the study The variables’

IV. RESULTS

A. Demographic information of the respondents

Demographic information about the participants is
summarized in Table 1. The results show that the
majority of the respondents were 78.8% males and 21.2%
females. They were grouped into three age categories:
most of them were between the ages of 15-25 (72.7%),
26-35 (21.5), and above 36 (5.8). Marital status was
categorized as single or married, and the majority were
single (92.3%), and a small number were married
(7.7%).
classified as either diploma (13.5%), bachelor’s degree
(67.7%), master’s (3.5%), or other certificates (15.3%).

Respondent educational attainment was
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Table 1 : Demographic of respondents

D. Measurement model evaluation

D hi N P 9
CIOBTaphIcs 2612)mber ercentage % This model has 26 items and is made up of five
Cond observable constructs: PE, EE, SI, SAT, and BI, and out
endet of those total items, 19 were included in the analysis.
Male 205 78.8 . .
Femmal o 212 Factor loadings and average variance were used to
Aema ¢ ' determine convergent validity (AVE). The factor
ge loadings (A\) ranged from 0.578 to 0.949, with AVE
15-25 189 72.7
values for each construct equal to or greater than 0.500,
26-35 58 215 e -
indicating good convergent validity [43]. Internal
36 and above 34 5.8 ) N . \
consistency reliability was evaluated using Cronbach's
Marital status . 1
Sinel 240 923 alpha (CA) and composite reliability (CR). Each
Nllng .e 1 20 . 7 construct had CR values of between 0.750 and 0.847,
Edarrle. | ' with a (CA) value equal to or greater than 0.751, which
) uli:atlona:i indicates that the model meets the standards for
ackgrotn reliability [44].
Diploma 35 13.5
Degree 176 67.7
Masters 9 3.5
Other 40 15.3
Table 2 : Results of construct reliability and validity
Internal consistency
Construct  Items Convergent validity Reliability
Factor Composite
loadings Average Variance  Reliability Cronbach's HTMT-
M) Extracted (AVE) (CR) Alpha (CA) Less than 1
PE PE2 0.701
PE3 0.702 0.500 0.750 0.751 Yes
PE4 0.718
EE1 0.751
EE EE2 0.718
EE3 0.613 0.527 0.847 0.848 Yes
EE4 0.765
EE5 0.769
SI SIS 0.840
SI6 0.618 0.508 0.753 0.747 Yes
SI7 0.661
SAT SAT1 0.578
SAT2 0.771 0.584 0.845 0.849 Yes
SAT3 0.949
SAT4 0.712
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BI BI1 0.720
BI2 0.789 0.560
BI4 0.840
BI5 0.628

0.834 0.830 Yes

Legend: PE = Performance Expectancy, EE = Effort Expectancy, SI = Social Influence, SAT = Satisfaction, BI =

Behavioral intention

C. Discriminant Validity

To determine how different one construct was from
the others, researchers employed a measure of
discriminant validity, cross-loading analysis, and the
heterotrait-monotrait (HTMT) ratio test [45]. Table 2
shows the HTMT ratio test results and reveals that all
the values are less than 1, indicating discriminant
validity between all constructs.

D. Structural model assessment

In this study, the dependent variable was predicted by
the independent variables. It was revealed that, PE has
a positive effect on BI (B = .415, t-value = 3.194, p <
.001). EE negatively correlated but was significant
which supported our hypothesis ( = -. 3.98, t-value =
2.443, p < .015), SI was positively associated with BI (3
=.593, t-value = 3.774, p < .000), and SAT positively
influenced BI (§ =.312, t-value = 2.676, p < .008). These
results showed that all the hypotheses were supported
(see Table 3). Multicollinearity was tested by using

variance inflation factors (VIF) with a threshold of 5
[46]. The results show that multicollinearity was not a
major issue in this study (see Table 3).

E. Predictive relevance and accuracy of the model
The PLS-SEM analysis results in Table 3 show that the
R2 of the endogenous construct BI was 0.731,
indicating that the model accounts for 73% of the
variance in Bl. The adjusted R2 was nearly the same at
0.727. Effect size f2 values were between 0.181 and
0.502, indicating a medium and large effect of the
exogenous latent variables [47]. The cross-validated
redundancy for Bl was greater than zero Q2 (0.315),
indicating a valid construct. The effect size indicates
that the model has high predictive relevance for BI
[44]. Furthermore, the standard root means square
residual (SRMR) was used to assess the model fit [48].
The value of 0.063 was less than 0.08, which indicates
that it is indeed a good fit [49].

Table 3: Path coefficient and hypotheses testing

Path P-

Hypothesis Path Coefficient T-Statistics values Remarks Construct VIF £
HI PE -> BI 415 3.194 .001  Supported PE 2.074 0.308
H2 EE -> BI -.398 2.443 .015  Supported EE 2973 0.198
H3 SI -> BI .593 3.774 .000  Supported S1 2.610 0.502
H4 SAT-> BI 312 2.676 .008  Supported SAT 2.001 0.181

Coefficient of
Cross validated redundancy Effect Size determination

QZ

Construct ~ SSO SSE (=1SSE/SSO) R? Adjusted R?
BI 1040.000 712.685 0.315 0.731 0.727

Model fit SRMR = 0.063, d_ULS 0.749, d_G 0.435, Chi-Square 568.094, NFI 0.787
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Legend: BI = Behavioral intention, EE = Effort expectancy, PE = Performance expectancy, SAT = Satisfaction, SI

= Social Influence

PE
b =
. 0.415
-0.39
L A Bl
R2=0.731
_ 0.593 - -
0.312
b =
SAT
- 4

Figure 2. The Measurement Model Results

The model predicts 73% of BI's variance using PE, EE, SI, and SAT. Predictive weights between questions and

variables (A) and between the independent and dependent variables () are shown along the line.

V. Discussion

This study looked at the elements that influence

consumers' intentions to acquire healthcare
information via social media. This study provides
insight into ways to improve social media healthcare
and health

consumers. First, the results show that consumers

services awareness among health
expect a SM healthcare platform's performance to have
functionalities that will enable them to appreciate the
platform, which will lead to their decision to use it for
healthcare purposes. This aligns well with prior studies,
which have shown that PE has a crucial effect on
consumers' behavior intentions [19], [50], [51][52].
The results from the study highlight that, for
consumers to adopt a social media health platform,

they must understand how the system can improve

their health conditions and enable them to manage
health. Second, as
(EE)

intention to use social media for healthcare. The effort

their hypothesized, effort

expectancy predicts consumers' behavior
consumers expect to exert using SM, whether high or
low, does not affect their decision towards SM
acceptance. The results mean that increasing the
amount of anticipated effort required to use SM for
healthcare decreases the likelihood that consumers
will use SM. It also implies that the more effort a
consumer expects to exert, the lower their intention to
use social media for healthcare. Interestingly, effort
expectancy has a significant effect on consumers’
behavior intentions to use social media for healthcare.
The findings of the current study are consistent with
[19], [26], [30].
(SI)

Third, the results show that social

influence significantly  affects consumer
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healthcare behavior. When consumers have SM,
platforms recommended to them by trusted sources,
they are more likely to consider using the platform
seriously. This is consistent with previous research
indicating that SI influences behavior intentions [19],
[28], [29], [52], [53]. The influence of prominent social
figures is a strong driver of the adoption of new SM
platforms by the larger population. Fourth, consumer
satisfaction (SAT) significantly affected the consumer's
intention to use social media healthcare platforms. In
other words, when consumers are satisfied with the
platform’s features accompanied by the information
and services rendered on SM healthcare platforms,
they are more likely to adopt these platforms for
regular use. This study backs up previous findings [37],
[54], [55]. Many consumers are internet savvy and
have expectations regarding their SM experiences. Not
only should the information provided on platforms be
relevant, but the overall experience of finding that
information should be pleasant and satisfying. PE, EE,
SI, and SAT predict consumers' intent to use social
media platforms for healthcare information. Thus,
increasing consumers' intentions through PE, EE, SI,
and SAT is an effective way of encouraging consumers
to use healthcare information on social media
platforms. The study findings indicate that a high
degree of PE, SI, and SAT will result in a high
probability that consumers will use the SM platform
for healthcare information.

and Theoretical

A. Managerial Implications

contributions

1) Managerial Implications

The purpose of this study is to examine the factors that
impact people's intentions to utilize social media for
healthcare information. Importantly, information
about healthcare on social media could enhance
healthcare

customer expectations. As a result,

organizations and professionals that provide

information and education on social media should

ensure that their efforts are focused on the
requirements of their customers. Interactions, videos,
and texts would all be necessary to maintain customer
involvement. Medical organizations and social media
healthcare providers might hire specialists to
guarantee that platform design fulfills the demands of
customers. Finally, health providers might give
incentives to existing platform users in order to attract

new customers.

2) Theoretical contributions

Only a few studies with Ghanaian subjects have been
conducted. Most of the research has focused on
healthcare practitioners who use digital technologies
in their practices, but little has been done to
investigate consumer acceptability of digital
healthcare, particularly on social media. This study,
unlike other studies on social media healthcare,
emphasizes the important influence of PE, EE, SI, and
SAT on behavioral intentions. The research provides a
thorough knowledge of the elements that impact what
people think about while looking for healthcare
information. With the introduction of SAT to the
constructs of the UTAUT model, we show that
consumers pay close attention to their platforms'
experiences and that consumer satisfaction is essential
in influencing their decision to utilize SM healthcare

platforms.

VI. CONCLUSION

In the lives of individuals in society, social media usage
is taking a new turn. Thus, the intention of individuals
toward social media healthcare information is positive,

health

management. We posit that satisfaction contributes to

which would improve their personal

individuals’ healthcare information  behavior
intentions on social media platforms. The results imply
that consumers are more likely to use social media
platforms if they provide consumers with advantages,

such as giving important health information. With the
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new construct introduced, it impacted the predictive
variance of behavior intention. This study enhances
the literature on social media healthcare in developing
countries. The model used has implications for
decision-making among social media healthcare

providers.

VIL.LIMITATIONS OF THE STUDY

The current study has some limitations: this study was
conducted in Ghana, where social media healthcare is
at its infant stage, hence the small sample size. Again,
participants replied to the survey based on how they
felt about the questions asked, their level of expertise,
and their opinions about social networking sites. As a
result, the findings of this study may not be applicable
to the whole population. Most importantly, the
integrity of the information obtained, on the other
hand, was adequate for the topic, which had a positive

effect on the study's findings.
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