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ABSTRACT 

Sentiment analysis, which addresses the computational treatment of opinion, 

sentiment, and subjectivity in text, has received considerable attention in 

recent years. In contrast to the traditional coarse-grained sentiment analysis 

tasks, such as document-level sentiment classification, we are interested in the 

fine-grained aspect-based sentiment analysis that aims to identify aspects that 

users comment on and these aspects’ polarities. Aspect-based sentiment analysis 

relies heavily on syntactic features. However, the reviews that this task focuses 

on are natural and spontaneous, thus posing a challenge to syntactic parsers. In 

this paper, we address this problem by proposing a framework of adding a 

sentiment sentence compression (Sent Comp) step before performing the 

aspect-based sentiment analysis. We apply a discriminative conditional random 

field model, with certain special features, to automatically compress sentiment 

sentences. Sentiment analysis is contextual mining of text which identifies and 

extracts subjective information in textual data. sentiment analysis proves to be 

an incredible asset for users to extract essential information and assists 

organizations with understanding the social sentiment of their brand, product 

or service while monitoring online conversations. 

Keywords: Aspect-Based Sentiment Analysis, Sentiment Analysis, Sentence 

Compression, Contextual Mining. 

 

I. INTRODUCTION 

 

Business intelligence (BI) is aimed at gathering, 

transforming and summarizing available data from 

existing sources to generate analytical information 

suitable for decision- making tasks. The most widely 

used approach to BI has been the combination of data 

warehousing (DW), online analytical processing 

(SENTIMENTAL ANALYSIS) technologies and the 

multidimensional(MD) data model. 

DW/SENTIMENTAL ANALYSIS technologies have 

been successfully applied for analysis purposes, but 

always in a well-controlled “closed-world” scenario, 

where the set of data sources is rather static, and well-

structured data is periodically loaded in batch mode 

applying heavy cleansing transformations. DW 

applications outlines the opportunity and importance 

of using unstructured and structured data (either 

textual or not) in the decision-making process.  

http://www.ijsrst.com/
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Thus, companies want to  explore all these new data 

opportunities and include them in their 

SENTIMENTAL ANALYSIS analyses, leading to a 

new type of SENTIMENTAL ANALYSIS: Exploratory 

SENTIMENTAL ANALYSIS. The main difference of 

Exploratory SENTIMENTAL ANALYSIS from 

Traditional SENTIMENTAL ANALYSIS is naturally 

the issue of exploration: of new data sources, of new 

ways of structuring data, of new ways of putting data 

together, of new ways of querying data. The purpose 

of this technology is to categorize the main 

requirements of these new SENTIMENTAL 

ANALYSIS approaches, as well as to show how SW 

technologies can help to fulfill the new requirements. 

Then, five criteria related to the different relevant 

aspects of DW/ SENTIMENTAL ANALYSIS systems 

are defined. 

 

II. LITERATURE REVIEW 

 

SENTIMENTAL ANALYSIS is not a new concept and 

has persisted through the decades. As a matter of fact, 

the origin of SENTIMENTAL ANALYSIS technology 

can be traced way back in 1962. Kenneth Iverson 

introduced the base foundation of SENTIMENTAL 

ANALYSIS through his book “A Programming 

Language” (APL), which defined a mathematical 

language with processing operators and 

multidimensional variables. APL was regarded as the 

first multidimensional language and its 

implementation as a computer programming language 

happened during the late 1960’s by IBM. Iverson 

created brief notations by employing Greek symbols 

as operators this required the support of special 

hardware like special keyboards, screens and printers 

making maintenance of APL-based mainframe 

products very costly. 

In 1975 the first SENTIMENTAL ANALYSIS 

product—Express was launched by Information 

Resources. This was the first multidimensional tool to 

support marketing related demands or application 

needs. It later on evolved into a hybrid 

SENTIMENTAL ANALYSIS after its acquisition by 

Oracle and has thrived for more than three decades. It 

remains, even till date as one of the well-marketed 

multidimensional products. One of Express’ more 

famous successors is the Oracle9i SENTIMENTAL 

ANALYSIS. 

SENTIMENTAL ANALYSIS is typically contrasted 

to OLTP (online transaction processing), which is 

generally characterized by much less complex queries, 

in a larger volume, to process transactions rather than 

for the purpose of business intelligence or reporting. 

Whereas SENTIMENTAL ANALYSIS systems are 

mostly optimized for read, OLTP has to processes all 

kinds of queries (read, insert, update and delete). 

 

III.  METHODOLOGY 

 

SENTIMENTAL ANALYSIS technology is aimed at 

gathering, transforming and summarizing available 

data from existing sources to generate analytical 

information suitable for decision-making tasks. 

Traditionally, SENTIMENTAL ANALYSIS has been 

associated with data warehouses (DW), following the 

three-layered structure shown in Fig. 1, namely: 

 

The data sources layer, which consists of all the 

potential data of any nature (e.g., relational, object-

oriented, unstructured, and textual) that can help to 

fulfill the analysis goals. 

 

The integration layer, which transforms and cleanses 

the data gathered from the sources, as well as stores 

them in an appropriate format for the subsequent 

analysis (i.e., the DW). 

 

the analysis layer, which contains a number of tools 

for extracting information and knowledge from the 

integrated data and presenting it to the analysts (i.e., 

LAP cubes, charts, reports, etc). 

https://en.wikipedia.org/wiki/Online_transaction_processing
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As it is clear from this description, the integration 

model of Traditional SENTIMENTAL ANALYSIS 

systems (DW/SENTIMENTAL ANALYSIS) is based on 

a global schema (i.e., the DW schema), which is seen 

as a view over the underlying data source schemas. In 

this integration model, query answering is simple. 

The external data sources are assumed to be known in 

advance as are the user needs guiding the design of 

the global schema. For those cases, more flexible 

integration models are needed. In particular, the 

integration of external data schemas in terms of a 

global schema has been studied. From the global 

schema, local schemas can be derived; i.e., the local 

schemas are seen as (more specialized) views of the 

unified general global schema. 

 

DW/SENTIMENTAL ANALYSIS systems use a special 

data model, the multidimensional data model (MD), 

for the integration layer. Here, factual data gathered 

from the data sources layer must be expressed in 

terms of numerical measures and categorical 

hierarchical dimensions. The semantics of this model 

consists of representing any interesting observation of 

the domain in its context (i.e., dimensions). SW 

technologies can help in all DW/SENTIMENTAL 

ANALYSIS layers in order to support Semantic-aware 

and Exploratory SENTIMENTAL ANALYSIS systems. 

In the data sources layer, they can aid in capturing the 

precise semantics of the data sources. In the 

integration layer, they can be used to specify the 

transformations and capture the data lineage. In the 

analysis layer, they can help specifying the semantics 

of the presented information and reasoning about it. 

Finally, SW technologies can serve as a proper basis 

for defining ETQ processes, since most external data is 

now being published as linked data. 

 

IV. PROPOSED WORK 

 

We propose a series of criteria that aims to capture 

the main aspect of emerging DW/SENTIMENTAL 

ANALYSIS system and how these components are 

evolving to cover the new requirements posted by the 

new scenario. The resulting categorization schema 

aims to identify the commonalities and differences of 

emerging approaches in term of the changes they 

proposed with respect to the traditional components 

of SENTIMENTAL ANALYSIS system. We proposed 

technique SENTIMENTAL ANALYSIS.  

 

In proposed, we are going to build business 

intelligence on the basis of systems product sale. In 

this, data warehouse plays an important role. Data 

warehouse takes different types of data and integrate 

it and develop business intelligence. Here, we get the 

non-specified statistics. By using SENTIMENTAL 

ANALYSIS, we have to improve this statistics and 

business intelligence. In existing system, they use 

only SENTIMENTAL ANALYSIS. but in our proposed 

system we are going to use SENTIMENTAL 

ANALYSIS with analytical way.  

 

System Requirements: 

 

Hardware Requirements 

 

Sr. 

No. 

Hardware Specification 

1 Processor PIV/Dual Core/Core2Duo/I3/I5/I7/ 

Higher  

2 RAM 1GB/ Higher 

3 Hard 

Disk  

160 GB/Higher 

4 Screen 800*600 / Higher  
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5 Keyboard 108/Higher  

6 Mouse 2 Buttons  

 

Software Requirements 

 

Sr. 

No. 

Component Software 

1 Operating 

System 

Windows7(Any Operating 

System) 

2 Front End JSP, HTML, CSS(In Eclipse) 

3 Back End My SQL 

 

Flowchart 

 

 
ETQ processes are becoming essential for performing 

analyses that involve external data published in the 

web, and therefore they usually deal with semi-

structured, streamed and dynamic data sources. How 

ETQ processes can interact with the 

DW/SENTIMENTAL ANALYSIS data flow. Thus, an 

ETQ process can take “fresh” data from the ETL 

staging area, blend it with both external and DW 

integrated data and eventually deliver the results to 

the analytical tools. 

 

V. RESULTS 

 

After studying various research presentenced by 

different people on sentiment analysis and aspect 

based sentimental analysis, we come to conclude that 

using sentimental analysis most hectic work for 

customers and producers can be eased. In this work 

we have studied various sentimental analysis 

classifications and technique based on machine 

learning. On ecommerce platforms where the reviews 

can be structured or unstructured provided by user 

can be categories to make it further useful in future to 

build good business intelligence. 

 

Many existing systems can do the tasks of SA in either 

English or Chinese language reviews. Recent need in 

this era to have language independent systems and 

data sets for every other language. It needs to have 

built resources and systems capable of supporting 

more natural languages 
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VI. CONCLUSION 

 

It is notice that traditional SENTIMENTAL 

ANALYSIS can hardly deal with data coming from 

heterogeneous and external sources in open-world 

analysis scenarios. SW technologies come to rescue as 

they have been conceived to build semantic spaces 

over online information so that both humans and 

machines can get the correct semantic meaning of 

web published data. Enhancing SENTIMENTAL 

ANALYSIS with SW technologies is a promising way 

to include external and heterogeneous information in 

traditional analysis process. SENTIMENTAL 

ANALYSIS Mining does not provide any formal or 

standard technique to be modelled. 

 

Each vendor defines their own approach regarding 

the needs of respective end users. However, there is a 

general model used on Data Warehouses called Star 

schema but it cannot model all the appropriate 

conceptual issues and problems like information loss 

is very often. A similar approach, which overpasses 

the information loss problem of the Star schema, is 

the Snowflake schema also a common database model 

for Data Warehousing but as most of computer 

scientists claim it is a logical view rather a conceptual 

view of the database model. 

 

The main conclusion is that SW technologies are 

indeed a promising approach for the new and 

challenging research area of Exploratory 

SENTIMENTAL ANALYSIS. Then it identified a 

number of challenges for future research that must be 

met to fulfill this related to schema design and data 

provisioning, as well as semantic and computational 

issues.  

In the future work, it is planning to finish the 

prototype of the proposed framework and test the 

solution on large-scale case studies and it will be work 

on unstructured data which is non textual. Also, this 

can be directly integrated with social media for 

automation of data and it will work on time reduction. 
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